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Preface

In September 1996 | started to think about my Master Thesis. | had been a student at the University of
Groningen (RuG) for exactly three years, and | had completed the majority of courses in two variants of the
doctorate program. At that time [ was working on a project concerning with the state observer for a motorised
bicycle using Fuzzy Logic. This state observer will replace an expensive torque sensor as currently used for
the motor control. The state observed is targeted for a 80C51 micro-controller with only 2356 bytes RAM
available. [ found the combination of intelligent techniques, software engineering and hardware
implementation quite interesting. | could have made this project the subject of mv Master Thesis but
contractual details forbade this.

At the end of 1996 I started to do some investigations on the detection and correction of time-related
disturbances in batch-oriented production processes. Several Dutch companies are potentially involved in this
project. which made this an even more interesting subject. [ intend to start on the subject in March 1997, but.
due to the many hours I spend on a private project I could not start on time.

From April 1996 till July 1997 | assisted in the graduate course “Technical AI”. In this course students have 1o
implement software for a speech recognising telephone using neural networks, subsequently ported 1o a DSP.
The assignment was treated as if it were a commercial project. Being closely involved in designing and
implementing the system inclusive a simulation environment for the students to work with during the course. |
had not much time for working on a separate master thesis. In June J.A.G. Nijhuis and M. Ter Brugge
proposed that | would take this speech recognising system for my Master Thesis. When [ read some literature
about speech recognition, in April, | kept running into Hidden Markov Models. So I was to make some study
of Hidden Markov Models and compare them to Neural Networks as methods for speech recognition. This -
subject lies exactly in the my of interests: software engineering, intelligent techniques, hardware and practical
applications.

Because most of the work on the software had been done, only the Hidden Markov Model and some pre-
processing for the DSP had to be implemented. The report you see before you is the result of this work. | hope
that this work clears the way for other students using Hidden Markov Models and Digital Signal Processors in
their projects, as I found out that the both of them have much to offer.

[ would not have been able to finish this thesis in time without the support of several people. I would like to
thank the following people. Mark ter Brugge, for his work on the DSP and the pre-processor unit. Roelof
Sytsma who has build and integrated all the hardware. My family, for offering a place to relax and looking
after me at the stressful periods. My roommates for taking over my household tasks during this project. The
students of Technical Al who performed the experiments with the Multilayer Perceptron and all the other
people who took the time to help me write and improve this thesis.

Martijn van Veelen
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1. Introduction

1.1

The assignment, goal and objects

The main goal of this report is to find out which is the better speech recognition method in a commercial
product. In this study a speech recognising telephone fulfills the function of the commercial product. As with
most scientific research the goal itself is not the only object. One important object of this study is to learn how
1o apply Hidden Markov Models (HMM). Another is to get some experience with Digital Signal Processors
(DSP), the TMS320C series in particular. These objects are met when the goal is achieved. We will present a
summary of the problems one runs into applying HMM’s, using DSP’s and present solutions to these
problems'. The problems discussed in this report concern both software and hardware implementation.

The techniques applied in this report are in first order very direct and not very fancy. Thus the performance of
the system is not optimal. and we will inter alia suggest some alternatives that might increase performance.
Instead of looking at this project as the realisatiorr of a commercial project. which was the case in the course
“Technical Al", it should be looked upon as a feasibility study. evaluating techniques in order to choose the
better for a final implementation.

1.2 Requirements

Since we want 1o realise our system on hardware, using a DSP. it is important to identify what is required tor
speech recognition. When we decide to use the TMS320C50. ALEA IACTA EST, See chapter 3, we will not
have an overview of the exact requirements: the chicken and egg problem. We had to make some estimations
on the requirements, bases on an analysis of speech, discussed speech in the next chapter. In chapter 3 we will
discuss the requirements concerning the hardware. Some aspects that have to be considered are:
Computational power, RAM size, Sampling frequency and Accuracy.

1.3 Outline of the target systems

The speech recognising telephone can be used in two ways: (a) using a keypad as with ordinary telephones and
(b) by voice. The telephone can store 10 phone numbers in RAM memory, and it stores the last dialled
number. The phone recognises Dutch spoken keywords and the number 0 to 9. With the keywords the system
can be told to store the spoken number in RAM memory, to recall a number from RAM memory, and to dial
the spoken or restored number.

The speech recognition unit is not integrated in the t€lephone, but contained in a separate unit. The telephone
can be connected to this unit, this unit itself is connected to the telephone line, connecting the system to an
end-station of the PTT. A display is used to make operation easier, this display is integrated in the SRU. A
more detailed description of the hardware is presented in chapter 3.

1.4 Criteria

The criteria for evaluation the two methods for Automatic Speech Recognition (ASR) concern not oniy the
performance of the implemented systems. Although this is indeed a very important criterion, there are many
other issues to be concerned, especially those issues that have an influence on the price of the system. After
all practical applications must not only service the public, they are developed in order to make a profit too.

Criteria that cover those issues can be divided into two categories: (a) those concerning the components of the
system, and (b) those concerning the development costs, which include wages 100. The criteria of the first kind
that will play a role in this report are expressed in demands on memory (RAM), processor speed (CPU clock

Some. in favour of a more positive view, might want to read “problems” as “puzzles”.
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frequency), and accuracy (Word length). Those of the second kind are realisation time of components,
complexity of the implementation and the complexity of the applied technique itself (how much does it take to
understand). These criteria apply to the system as a whole and thus to all its components 100, so they are an
issue throughout this report. These criteria will be used to evaluate the two techniques in chapter 8 and 9.

1.5 About this report

The next six chapters describe the design and implementation of the system. The line followed in these
chapters is the same as the steps in this project in which the ASR has been developed: Analysis of speech,
Considering Hardware Issues, Simulator construction, Pre-processing, ASR design and implementation.

[n chapter 2 we will look at speech itself. we discuss how can it be described, the important features and data
acquisition. chapter 3 is about the hardware, we describe all the components of the system, their performance
and how they were integrated. Also we describe how the hardware can be programmed and what parameters
were used. In chapter 4 the we present simulation environment used to implement and test the pre-processor,
the neural network and the Hidden Markov Model. In chapter 5 we discuss pre-processing: several techniques
are presented and the pre-processor as we constructed it (the results from chapter 2 are used here). In chapter 6
and 7 we present the neural network and the Hidden Markov Model as they were implemented. chapters 5 to
7, show a design process which are encountered in many similar projects like the Fuzzy State Observer. First
the technique itself is discussed. Then the technique is implemented and tested in Matlab™. When it seems to
work properly. it is implemented in C. Finally it is ported to the target systems hardware, which in our case is
a DSP. When a working version is realised using a DSP, it would be timé to design dedicated hardware, a
quite ditferent line of work which is not considered in this report.

In chapter 8 we describe the experiments and evaluate the two techniques, according to the criteria in section
.4, In chapter 9 we will discuss our findings, try to answer the question “Which is best?”, look at some of the
problems we encountered and compare our product with some commercial products. We conclude chapter 9
with some suggestions to improve the system.
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2. Speech, analysis and sampling issues

In this chapter we will discuss some aspects of speech, and look at the most important features. As we shall
see, the distinguishing features of speech are found in the frequency domain. This is not very surprising if one
realises that speech, as every kind of making sounds, is based on vibrating air. Hearing or recording sound is
just sensing the variations in air pressure.

2.1 Natural speech

Human speech is probably the most important way of communicating, mainly because almost every human
being has the ability to speak one or more languages. It is for this reason that speech recognition is of such
importance. One might think that communicating with machines by talking would be an improvement over
pressing buttons. I do not share this opinion though, because it is in conflict with our desire for machines to
operate quickly: pressing buttons is quicker than speaking. However there are many applications for speech
recognition to name a few: replacing stenography, operation of computers and other machines by disabled
people and automatic post-ordering over telephone lines.

2.2 Views on natural speech

There are many ways to look at speech. On a semantic level we consider the meaning of spoken language. One
should realise that human beings can perform any kind of pattern recognition very well due to the fact that
they can understand what is meant by that what they observe; machines do not have a notion of meaning.
which. for them, is an enormous setback. In this report we will mostly consider the physical aspects of speech,
and thus we speak of the speech signal instead of speech. In between these two ways of looking at speech is
the grammar. Grammar is a formal aspect of speech and can be described in a mathematical way. Thus it can
be used by a machine to perform the recognition task. Using symbolic information to perform (pattern)
recognition tasks, is typically an Al approach. It is interesting to note that most speech recognition system, and
especially the cheap commercial ones, do not use grammatical information. The use of techniques like neural
networks for recognition tasks in combination with feature extraction, as described in this report, typically
falls in to the field of CI, computational intelligence; there still seems to be quite a gap between Cl and Al
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Figure 2-1: Continuous speech "Everybody cool this is a robbery”
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We assume the speech signal to represent words. We consider isolated word recognition only, which means:
we assume that we can separate words quite easily because their is enough silence in between. This
assumption does not hold for spoken sentences. In Figure 2-1 you can see a spoken sentence, speech signals
like this are referred to as continuous speech.

Words are composed of phonemes (sounds). A phoneme is considered to be the smallest unit in spoken
language. sometimes it is called a phone, but 1 rather not use that word in this context. For example the word
“pen” consists of three phonemes, namely “p”. “eh™ and “n”. Most advanced ASR systems based on
continuous speech are designed to recognise around 65 phonemes. In Appendix B. you can find a list of the
most common phonemes in the English language, written phonetically. We will use phonetic language in this
report to describe phonemes. Phonemes contain about 10 peak frequencies: these frequencies are called
Formants. Thus a frequency analysis of the speech signal can give us significant information. After we
introduce the words to use in our ASR application we will have a ook at the speech signal in the frequency
domain, and as expected we will find the unique distinguishing features of speech in that domain.

2.3 The “words” used in this system

The language £’ that controls the system contains 13 words or end symbols. Three of these words are control
commands the other ten words are the digits ‘0’ to ‘9'. The keywords are “M”, “Bel” and “Opnieuw” which
are the Dutch words for “M”, “Dial” and “Repeat” This language ./ is generated by the grammar G, which is
defined by a starting symbol, an alphabet of non-end symbols, an alphabet of end symbols, and a set of
transitions. A question mark was introduced to denote an unrecognised command. The transitions, or
production rules are numbered 1 - 8. G is defined as in Figure 2-2. The language -£(G) is a context-sensitive
language, that can be used to improve the ASR system, we will discuss how this property can be used in
chapter 9.

The keyword “M” is used for memory control. The word “Opnieuw” will be used to delete the last recognised
digit, as can be seen in the grammar production rule 7.. An unrecognised word is denoted as a “?”, which is
not to be interpreted, shown by rule 9.

G=(S,N, T, P)where,

S = <command>

N = {<command> ; <restore-last> ; <load-number> ; <save-number> ; <dial-number> ; <number> ; digit> }
T={“M”"; “Bel”; “Opnieuw™; “0” - “9™ ; “7" }

P=

1. <command> - <restore-last> | <load-number> | <save-number> |
2 <dial-number> - <number> “Bel”

3. <restore-last> - “Bel”

4. <load-number> - “M” <digit>

3. <save-number> - < number> “M” <digit>

6. <number> - <digit> <number> | <digit>

7. <digit> “Opnieuw” —> g

8. <digit> — “O" 41| o 0 0 |97

9. o — €

)

Figure 2-2: Grammar generating the used language

Table 2-1 gives an overview of the keywords in phonetic symbols Some words can be pronounced in more
than one way, this will require some extra states in the Hidden Markov Model we discuss in chapter 7.

* A svmbol denoting “nothing™ or “empty”, this symbol is naturally included in all languages.
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The minimal set of phonemes that can produce all the words used are:a,a: .b,d e, e.a.f X i.i:

n.p.d5.R t,u,v,w,y,z Withthe complete set of keywords defined we can start analysing these
keywords considering them as continuous signals. The method of acquisition is discussed at the end of this

chapter.
Word Meaning Phonetically
nul 0 nul
één 1 ein
twee 2 twei
drie 3 dri:
vier 4 Vi:R
vijf 5 vyf
zes 6 zes
zeven 7 zeivan / zavan
acht 8 a:xt
negen 9 neixan
M Memory em
bel Dial beal
Opnieuw Delete Spni:w

Table 2-1 Keyword in phonetic symbols

2.4 The speech signal analysed

Since we are building an isolated word ASR system we will consider only separate words. In Figure 2-3a the
word “acht” [a: x] is shown. The issue of separating words is covered in chapter 5.

100} 100} 7 (b) |

) 50 < 50} | \ 1 )

é G é 0 M“*!J ‘“ 'n M) ‘h '\l'[l |, ‘Mﬁ \‘J‘MI'J}IHI‘“"‘

-50¢ 50} ]
-100} -100}

0 0.2 0.4 0 002 004 006

Figure 2-3: Time plot of (a) "acht” (b) "a”

In the figure we can see that the volume is not the same every time, thus it is a potential feature we can use for
identification. When we look at the signal in a short interval we can see that the it is a periodic signal. In
Figure 2-3b the “a” [a:] is shown. Clearly this phoneme contains more than one Formant, though it is not clear
which Formants. The Formants in the signal obviously vary in time, which means we have to derive time
dependent signals from the speech signal.




Master Thesis Department of Computing Science

A transformation to the frequency domain enables us to study the Formants, in Figure 2-2a you can see the
word “acht” in frequency-domain. One thing we can learn from this plot is that most information is contained
in the lower part of the frequency spectrum.

15000 : . . 15000 , . :
(@) (b)
10000 J 10000
>
|@))
©
=
[(}]
5000+ - 5000
0 = 0 i
0 1000 2000 3000 0 1000 2000 3000

Figure 2-2: Frequency plot of (a) "Acht” (b) "a"

A look at the entire signal in the frequency domain does not give us a clear view on the Formants that produce
the phonemes. Therefore we first cut the signal in 6 intervals, and transform them separately. The first interval
is shown in Figure 2-2b. The interval contains only the spectrum of the “a” phoneme. In this plot we can see
the Formants, the main 4 Formants of this phoneme are approximately : 100, 200, 700 and 1100 [Hz].

Since we want to look at the spectrum of the speech signal, but not loose all information of the signal in time,
we need some way of representing the spectra as a function of time. Plotting them as above does not result in
a very clear figure. One way of representing the spectra is the spectrogram. Instead of plotting a line we use
colours to represent the energy in a certain frequency-band. A row of frequency-bands of the spectrum of the
signal in a certain interval is called a time-slice. The spectrogram consists of a matrix containing time-slices.
In Error! Reference source not found. a representation of the spectrograms of the words “acht” and
“zeven”. High energy is represented as the white and low energy as the black. You can see that the [%]
phoneme in “zeven” (time-bands 28-29) contains much energy in high frequencies whereas the [X] phoneme
in “acht” contains no energy in high frequencies at all
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Figure 2-3 Spectrograms of (a) "zeven" and (b) "Acht”
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2.5 Distinguishing features

Any classifier implemented on a computer that has to be acceptably fast, is highly dependent on the applied
pre-processing technique. Therefore we have to analyse our data and derive methods to extract identifying
features. Failing to do so will result in poor performance of the ASR system. Although we should not only
fook at what we humans can recognise but also at the fruit of information theory, we do use our “performance”
on the classification task to evaluate feature extraction. When we aim to improve the ASR system our attention
should primarily be focused on the pre-processor discussed in chapter 3, a more profound data analysis has a

major impact.

The properties of the speech signal presented above can be used to identify the words. In this section we will
look at some representations of these features and evaluate them. We evaluate the representations of the signal
by looking at the differences and similarities in words of different speakers. In the course “Technical Al” we
evaluated the representations of features by solving a puzzle where the ten digits were shown on a screen and
two unknown digits had to be matched against the shown digits, the number of errors made and the time it
took to identify a digit can be used to judge the quality of the represented feature.

First we look at the spéech signal in time. In Appendix C.1. the described puzzle is shown. You will find it
quite hard to match the two unknown digits, which indicates that something more has to be done with the
signal. In Appendix C.2. the sample puzzle has to be solved, from the spectrum of the signals. Although the
second puzzle is solved more easily, it is still quite hard. Both representations show a lot of data, thus some
kind of compression is needed. What we want is something of both representations in a compressed form. Our
need is fulfilled by the spectrogram. The spectrograms of the digits are shown in Appendix C.3., clearly this
puzzle is not hard to solve. Since we can solve the last puzzle quite fast, we expect it contains sufficient
information for a Artificial Neural Network (ANN) and a Hidden Markov Model to classify the words. In
chapter 5. we will discuss how we can implement a feature detector that derives spectrograms from the speech
signal. Beside the features discussed here, there are several other features commonly used in the field of
speech recognition. Many pre-processing techniques are based on zero-crossing counts, auto-correlation
functions (ACF) and the degree of voicing, all of these are a form of analysis in the frequency domain.

2.6 Sampling speech

Human speech contains practically no formants with frequencies higher than 4000 [Hz). Moreover, as we can
see in Figure 2-4a-b, most information is found in frequency bands lower than 2000 [Hz]. The sampling
theorem of Shannon states that a sampling frequency of twice the highest frequency in the signal is sufficient
to guarantee that no information is lost. Telephone companies use a sampling frequericy of 8000 [Hz], which
corresponds with the sampling theorem of Shannon; we will do the same. The quantisation resolution used in
advanced speech recognition systems is about 16 bits per sample, telephone companies use 12 bits. The lower
the resolution, the more distorted the signal gets. In the frequency domain this can be seen by growing energy
levels in the higher part of the frequency spectrum. The minimum resolution for humans to be able to
recognise the spoken words is about 5 bits. We use a resolution of 8 bits, which makes the sampled speech
much easier to store in RAM, where each memory address contains a multiple of bytes. a low-pass frequency-
band filter ensures that we have no energy in frequency bands above 4000 [Hz]. Surely there is more to be
satd about sampling speech; a good introduction in this matter can be found in [4].

2.7 Data acquisition

The training of a neural network with rather large amount of weights requires an enormous amount of data.
Unfortunately we did not have such an amount of data available. Our speech database contains samples of

about 40 different speakers. We have five different versions of each word from each of those 40 speakers. i
Though this might seem a lot, it is probably still insufficient to obtain a speaker independent ASR system.

Moreover the database contains only male speakers. There is however a large database of speech samples

available on the Internet: the TIMIT database. Unfortunately it contains only English samples.
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3. Hardware, description of the target platform

We have been working with the DSP for almost 6 month, starting out with simple experiments on the DSP
itself, then continuing by adding other hardware components to the system and finally testing. After the
hardware was all put together we started writing assembly routines for the basic tasks of the hardware like:
sampling. interrupt handling and display control. Finally we finished up by adding the signal processing
tasks itself. which were written in C, except for the FFT algorithm. To describe all this work and the
experience we gained during the development of the system would take niore pages than can be in a Master
Thesis. In this chapter we will describe only that what is strictly necessary to understand the grand design of
the ASR system. Something more will be said about the hardware requirements in chapter 8 and 9.

3.1 Requirements

Whenever a prototype has to be constructed from scratch using some kind of hardware device, the problem
arises that the exact hardware requirements are not known in advance. [t is the development of the prototype
itself that gives rise to certain requirements on the hardware. Still a choice has to be made when starting out t0
build the ASR system, and we chose the TMS320C50. Our choice was based on that fact that this DSP offers a
large instruction set especially designed for signal processing like speech recognition and that it has been used
for similar applications in the past.

The starter kit we used has on-board hardware for audio sampling, with variable sampling frequencies. It has
10,000 words of on-chip memory, which can easily be extended by mounting some extra memory chips on the
board. The processor speed operates at 40 MHz a second and offers a hardware implemented multiplier which
can perform a multiplication in one instruction cycle. This makes it a very good platform for signal processing,
because signal processing involves real-time filtering, requiring millions of multiplications per second. One
other important feature of this DSP kit is the layout of the hardware and the thorough documentation of the
hardware layout which makes it relatively easy to add hardware components to the system. Altogether this
DSP kit offers all the features necessary to build a signal processing system. However one drawback is the
floating point limitation: the TMS320C50 is a fixed-point processor, and no on-board floating-point unit is
present. A good alternative may be the TMS320C3x which is a family of floating-point DSP’s with almost the
same instruction set as the TMS330C5x family to which the chosen DSP belongs.

3.2 Overview of the hardware

Clearly the core of the system is the TMS320C30. However, several other components are required to make
the system operational. One basic component is a telephone, which is used as a microphone and speaker, and
its keypad which can be used for input by scanning for DTMF tones. The telephone is connected to the audio
input and output of the DSP through the AIC chip. The AIC chip contains both a DA- and an AD-converter,
and it can sample as well as generate sound with several different sampling frequencies. The AIC chip can be
accessed directly from the DSP by memory-mapping, meaning the AIC digital /O bus appears as memory
addresses on the DSP. Sampling rates are realised by generating timer interrupts. Different timers for sampling
and generating audio can be used as interrupt 5 and 6 are reserved for timer interrupts.

We used a 2 line display (16 character per line, memory of 80 characters) to give feedback to the user of the
ASR system, The display has its own microprocessor which can communicate through an 8-bit bus. The
display processor can be accessed through memory-mapped addresses too, though the communication is not
direct. Several latches are needed to control the timing variations between the DSP and the display. In order
to be able to detect whether the phone is off or on hook, an interrupt generating mechanism was built. Based
on the change in the audio level of input, two interrupts are generated, depending on the direction of the
change (interrupt 3 or 4). The drawback of this method is that a sufficiently large change in the audio level can
be caused by yelling in the microphone. Some circuitry was constructed to access the PTT-line from the AIC
chip, the access is controlled by a relays.
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3.3 The TMS320C50 digital signal processor

This section describes the DSP very superficially, for a full description read [16]. The TMS320C50
architecture looks much like the architecture of an ordinary processor. It has several registers for arithmetic
operations among which are two accumulators (ACC(B)), 8 auxiliary registers (AR0-7), a multiplier (TREGO)
resp. multiplicand register (PREG) and several status register to account for overflow and sign modes.
Calculations on auxiliary registers can be performed in parallel with arithmetic operations on the
accumulators. though auxiliary registers may be used for other purposes than addressing only.

The memory is divided into pages; the current page is pointed to by a data page pointer (DP). The entire
memory is to be configured manually, so that sufficient text and data memory is available for program, data
and the stack. The memory configuration (memory map) is used when assembly code is linked, so that the
loader knows which piece of code to put where. Six different addressing modes are supported, among which
are an addressing mode that provides a way to move entire blocks in memory with only two instructions and
circular buffer access, and instructions to access memory-mapped peripherals directly without changing the
data page pointer.

The DSP uses pipe-lining for faster execution. Each instruction stays in the pipeline for four instruction cycles.
First the instruction is fetched from memory, then the instruction is decoded, so that it can be interpreted by
the micro-program?’®, at the third instruction cycle the memory access to get data from RAM is performed, and
finally the instruction is actually executed and stored in RAM if necessary . There at most four instructions in
the pipeline, at each instruction cycle each instruction is passed one step through the pipeline. This way
execution of a program can be done four times as fast, though some instructions do not benefit from pipe
lining, especially interrupts cause extra overhead due to the pipeline. All instructions are coded in one or two
16-bit words. An instruction contains both an operand and an operator.

3.4 Interrupt handling

Interrupts are generated by a voltage change on one of the designated pins of the DSP. This voltage change
causes a flag to be set in one of the registers of the DSP. The pending interrupt can be found in a status
register. All interrupts have a certain priority, which tells the DSP in what order the interrupts should be dealt
with. Once an interrupt is being processed it can not be interrupted by any other interrupt until it terminates.
Only one of each interrupt can be registered, meaning a new interrupt is not registered when an interrupt of the
same number is already pending. The code to process an interrupt can be found from the interrupt vector: an
ordered list of two instructions per interrupt number. These two instructions can be of any kind though mostly
they contain a call to a so-called interrupt service routine. The interrupt vector can be filled and changed
dynamically (run-time) or it can be loaded in advance with a piece of code by defining the interrupt vector as a
special section in the memory map. The address of the interrupt vector is stored in a status register. This
register must be set before interrupts are enabled. Before the instructions in the interrupt vector are executed,
some registers like the program counter (PC) are stored in shadow registers. This explains why only one
interrupt can be processed at the time: there is only one set of shadow registers. Most interrupts can be
masked, which means they are ignored.

As mentioned before we have to deal with 4 interrupts. A fifth interrupt (interrupt 2, non maskable) is used for
communication with a PC using an RS-232 connection. There are two interrupts corresponding to the actions

of picking up the phone (interupt 4) and putting it on hook again (interrupt 3). There is no way of knowing

whether the phone is on hook or off hook. Interrupt 5 and 6 correspond to the timer interrupts for the AD and

DA converter in the AIC chip, whatever is currently on the data bus connecting the AIC chip and the DSP is

passed one way or the other depending on the interrupt. The timer interrupts are set in such a way that the

sample frequency (AD conversion) is 8000 Hz. The DA conversion uses a different frequency. This timer is :
set to 10077 Hz (we use this frequency to generate DTMF tones).

" Micro-code is the hardware coded program in the core of the processor performing basic operations on the registers.
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3.5 The telephone line

Since the telephone is not connected to the PTT line but to our hardware we needed some additional circuitry
1o access the PTT line. Because the PTT line contains high voltage power (110 V), we could not just plug it in
to our DSP; instead a transformer is used to separate both circuits. In order to open the PTT line a relays has
to be set. The relays can be set through a memory mapped address. While the relays is connected, the phone
line is open and thus the audio channels of the PTT line and the AIC-chip are connected. Because the PTT
company closes the connection automatically if no number has been dialled after 10 seconds, we have to wait
until the number to dial is known before we make a connection. This has the effect of missing the
acknowledge signal' when the phone is picked up. No circuitry was developed to receive phone calls, an
additional interrupt may be sufficient to implement this feature.

3.6 The display

The display can be accessed by first setting up communication through a memory mapped register. There are
three bits (lines) to be set before data can be passed: RS, R/W and E. The timing and order in which the bits
are set is very strict. You can read all about it in the Hitachi HD44780U documentation available on the
Internet. Depending on the setting of these bits there are three possibilities: an instruction or data may be
passed to the display processor or data may be read from the display processor. The DSP has to wait for the
display processor before data may be passed. To prevent short circuits, laiches are used to pass the
communication signals and a buffer is used to store data, which can go either way. Communication with the
display is rather expensive due to the fact that the display processor takes microseconds to process commands
and data whereas the DSP only take about 50 nanoseconds to execute instructions.

The memory-mapped address to write data to the display differs from the address at which data is received.
The underlving hardware is different for the two operations and thus two physically difterent address were
required. Because the communication with the display requires such strict timing, one of the first things we did
was writing three assemble routines to perform the communication task for writing an instruction, writing data
and reading data.

3.7 Outline of the hardware

Now that all the hardware components have been presented we show how it is all connected. A representation
of the hardware is shown in Figure 3-1 a full description of the Circuitry is shown in Appendix D.

* Dialling tone
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Figure 3-1 Outline of the hardware

3.8 Programming

The process of generating hexadecimal code for the DSP consists of several steps. Assembly code produces
object code. For all modules, that contain data to be available in a C module a C-style header file is provided.
All variables available in C are preceded with an underscore in assembly code. C-code is compiled to
assembly code after which it is assembled and again object code is produced. After all the object code is
generated, it is linked. The linker uses the memory configuration defined in the memory map. This map
defines the pages in which the memory should be partitioned. Each page contains one or more sections; each
piece of code, block of variables and initial data goes into a section. We used three different pages: the
default pages for text (page 0) and data (page 1) and a third page for the interrupt vector (page 2). The
standard sections for program code, global stack, global variables and constants were defined, and for certain

pieces of code and data, required to be in one page to increase performance, some additional sections were
defined.

Our goal was to write assembly code dealing with low-level communication, interrupts and parts that should
be executed very fast in assemble and C code for the most complex parts and parts that should not be
nterrupted by timer interrupt. The assembly code generated by a C-compiler is lots more expensive measured
in time and memory than hand-written assembly code. It takes much knowledge about C, assembly and
compilers to write efficient C-code. Optimising C-code automatically, with the TMS320C3x optimizer, does
barely any good. Moreover one has to be extremely careful with data shared among C and assembly code
when using an optimizer. Saving space and time in C can be done effectively by choosing loop variables and
pointers very carefully. However C-code will never use the extremely large instruction’ set to its full extent.

Yes. there is much to be said in favour of the philosophy behind the RISC processor

16
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The integration of C code and assembly objects requires some overhead on the following points:

I. The stack pointer (AR1) and the frame pointer (AR2) used in assembly code generated by the C compiler,
have to be stored and restored by the assembly routines.

[

Calls made to assembly routines from C routines using the asm statement have to store and restore all used
registers on the software stack.

3. The TMS320C50 maintain a 8-level stack of the return addresses of the callers. There is no notification
when this stack is overloaded. To prevent overload of the stack, the top of the hardware stack should be
stored and restored by the called assembly routine.

3.9 Limitations, an overview

There are several limitations of the hardware to be taken into account. First of all, the cyvcle time of the main
processor, the DSP. is 50 ns. which allows a maximum of 20 mips°. This limitation determines mainly how
many instructions can be executed per sample for real-time pre-processing. The pre-processing for one
sample must be done before the next timer interrupt by the sampling process occurs otherwise samples are
lost. The time necessary to perform the recognition task itself only determines the minimum required interval
of silence between spoken words, although this time should be small enough for the ASR to be of practical use
is not limited by real-time requirements.

A second limitation, which is however easier to solve if problems arise, is the amount of'available RAM. The
starter kit we used had approximately 10 K words RAM available, but mounting extra RAM chips onto the
board is quite easy and very well described in the documentation of the TMS320C5x Starter kit. The 10K
words can be addressed separately though byte access is not possible. Thus using 8-bit sampling accuracy
takes some extra code for storage.

During the development of the system one is constantly solving a puzzle to fit the code and the data into
memory and make the code fast enough. One is constantly looking for balance between efficient data storage
and required code. The two limitations determine the possible numerical accuracy and eventually the accuracy
and speed of the ASR system as a whole. Therefore accuracy and efficiency are the main criteria for the
evaluation of all components in the system.

> Million Instructions Per Second
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4. Simulation environment, design and implementation

In this chapter we describe the design. implementation and usage of the simulation environment that was
written to run an a PC to develop and test the ASR system The main goal of this simulation environment was
not to test the svstem for real-time problems but to test the functionality of all the components. which are
described in the next three chapters. It is however a functional equivalent of the hardware described in the
previous chapier.

4.1 Why simulating ?

We put rather a large amount of time into developing a Windows-oriented simulation environment. Although
there is a C-compiler available for the TMS320C50, there are several reasons not to implement the ASR
directly on the target system. During the graduate course “Technical AI" students had to design and implement
parts of the system. Because we were not sure that the ASR would finally work on the hardware and there was
only one DSP board available it was decided to implement a simulation environment. These were the main
reasons; however there are more general reasons for using simulation environments like the one we
implemented. To name a few.

1. We could start out with a design and implementation without knowledge about the DSP’s assembly
language and its limitations. With the rather large instruction set, this is a big advantage.

2. The hardware thus barely has any debugging possibilities, except probing the electric circuit. With a

simulation running on a PC we can benefit from the possibilities of 10 and debugging using the Microsoft

developer studio.

We were able to develop software and hardware in parallel, thus saving a lot of time, and putting

evervbody to work instead of having to wait for each other to finish the work.

4. We could ignore the limitations of the hardware to get an operational ASR system running on a PC.

5. Simulation allows for quick and easy to implement experiments, with the experimental results in an easy to
use and clear form. These results could be interpreted very quickly using Matlab™! .

[9%]

Thanks to Microsoft Developer studio, we were able to implement an functional simulation environment with
a nice looking user interface quite quickly. It makes one wonder why students are not educated more
thoroughly in the use of RAD tools like this.

4.2 Requirements on the simulation environment

The reasons to implement a simulation environment induce some requirements. To be able to see what is
happening during the execution of the simulation we need some sort of output screen to print debugging
messages and other information. The simulation environment has to be able to support any kind of pre-
processing and recognition method; thus the code has to be easy to extend and its structure must be very clear
and easy to understand. Furthermore the simulation environment must support some standard data format for
audio to perform tests. Also, naturally, the simulation environment must be a very close approximation of the
hardware described in the previous chapter; especially the interrupts have to act the same.

We want the simulation environment to make the hardware, therefore it should contain a user interface which
offers ways of interaction like a telephone and a display.

Last but not least we want the code written to simulate an ASR system in this simulation environment to be
portable to the target system. One has to be able to compile the written code with the TMS320C3x C-
compiler.

4.3 Outline of the simulation environment
Although the Windows-oriented user interface part, which was written using the MDS Application Wizard

with the Microsoft Foundation Classed, is a very interesting part of the simulation environment. It is not of any J
importance for the ASR system so we will not describe its design and implementation.
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Figure 4-1 Structure of the simulation environment

The global structure of the simulation environment is shown in figure 4-1. The simulation environment is split
up into five layers. The five layers are defined as follows:

Layer 1: The Windows part of the Simulation Environment, visual realisation
Layer 2: Peripherals, passing data from User interface to DSP simulation
Layer 3: The hardware system simulator and its parameters

Layer 4: Interrupt service routines, similar to that of the hardware system
Laver 5: Supporting code

The entire user interface is the one and only component in layer |. It is described in the next section. The
second layer contains all the peripherals: telephone, the display and the Phone line. The debugging
information also passes through this layer. The Third layer contains the core of the DSP simulator, it simulates
the interrupts described in the previous chapter and passes data between the peripherals and layer 4 in both
directions, also the parameters associated with the peripherals reside in this layer. In the fourth layer the
interrupt service routines are implemented. In the simulation environment these are just stubs which are to be
implemented to complete the simulation. The fifth layer contains nothing initially: it is reserved for modules
and routines associated with pre-processing, recognition and generat control. In the fourth and fifth layer the
pre-processor and the core recognition, a Multilayer Perceptron or a Hidden Markov Model Classifier,
described in the next three chapters are to be implemented.

4.4 The user interface

The user interface shown in Figure 4-2 contains three main areas. The area on the right called “Simulation”
shows the debugging and other information that can be extended in the Interrupt Service Routines Part. At the
bottom of this area a button with the caption “Running” is attached, this button starts the simulation itself, it
corresponds to supplying power to the hardware or turning the ASR system on. On the left a so-called progress
bar is shown; this bar gives an indication about the number of samples, from a wave file (*.\wav), that are send
1o the DSP simulator.

The upper left area shows information about the loaded wave file, namely the sample frequency, accuracy and
the size of the file. On top of the screen the loaded file is shown behind the word “Filename”. Wave files can
be loaded by selecting “Open” in the “File” menu or by clicking the “Map” icon. With the “Play” button the
loaded wave file samples are sent so the DSP simulator. This corresponds to speaking through the phone.

In the lower left area the Phone is shown with a 16 character, 2-line display. A wave file containing DTMF
samples is attached to each of the buttons on the keypad. These samples are passed to the DSP simulator when
a button is pressed. At the bottom left of this area two buttons are attached. The upper one with the caption
“Sound” can be used to turn sound on and off. When the sound is turned off, the wave files are not played

19
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back when the play buiton is pressed nor are the wave files attached to the keypad. However DTMF tones
generated by the Control routines, yet to be implemented, are played back. Turning sound on/off can be done
too by using the button in the toolbar with the blue-red speaker on it. At the bottom, the lower button with the
caption “Active” is used to pick up the phone and hang up. This can be achieved too by using the “*Phone”
button in the toolbar. Before the Phone is picked up power must be supplied. So the “Active’ button should be
pressed after the “Running” button.
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Figure 4-2 The user interface

All these actions cause interrupts that are simulated by the DSP simulator discussed in the next section. All
these interrupts, which we call messages in the simulation environment, can be send manually too. In the menu
“Simulation”, there are four options: “Start” and “Stop” act like the “Running” button, “Settings™ and
“Messages”. With the “Settings™ options the simulation parameters will be shown. After selecting the
“Messages™ option the dialogbox in Figure 4-3 appears. One can select the message to send; this is the
interrupt to simulate. The block interrupt is generated after a fixed number of samples have been sent. The
number is a simulation parameter. Furthermore there are three messages that can be used for debugging the
control part of the ASR system; these all have prefix “Test”. When sending samples, the number of samples
and a noise percentage can be modified. This way the noise sensitivity of the ASR system can be tested.
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Figure 4-3 Dialogbox for sending messages
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4.5 Implementation, and simulation parameters

The DSP simulator is implemented as a handler that processes messages sent by the User Interface: it can tell
the User Interface what to do by returning messages to it. The sample data, debug text and display text are
variables that can be accessed by the user interface. Sample data is passed to the Interrupt Service routine as a
value parameter. The DSP simulator is initialised when the “Running” button is pressed. At every message
received by the Message Handler it calls an Interrupt Service Routine. The Interrupt Service Routines are:
ProcessSample(  sample ),  ProcessBlock().  ProcessFirstSemiBlock(), PickUpPhone() and
OftHookDetect(). The routine ProcessFirstSemiBlock() was necessary to make the pre-processor work
properly. Three testing routines were added later on to test control: TestBEL(), TestMEM() and
TestOPNIEUW(). These correspond to the spoken commands dial, memory and delete, see chapter 2.

The display can be addressed like the real thing. There are three routines available for the display object:
DisplayWritelnstr( instruction ), DisplayWriteData( data ), DisplayReadData( data ). The parameters
correspond to the 8 bit instruction format of the Hitachi HD44780U. These three routine have the same
interface as the three assembly written routines to access the display processor from the DSP on hardware.

The routines operate on two strings, one for each line on the display. These two strings are accessible by the
User Interface. We will not go into the implementation details for the display because is not of importance for
the Recognition Task of the system.

The phone line and the relays to access this phone line in hardware are simulated by three routines.
OpenAudioOut() set the relay so that the connection to the phone line is made; CloseAudioOut() closes this
connection. The routine AudioOut( sample ) sends an audio sample to the phone line. This last routine is
redundant on the hardware, because the audio input and output are on the same single circuit, as is common in
telephone applications. The incoming speech and outgoing DTMF generated samples are directly passed to
the phone line. The routine OpenAudioOut() simply opens a file called audioour which is closed by
CloseAudioOut(). The routine AudioOut( sample ) writes the sample to the file.

The parameters can be found in a separate file. The parameters can be modified to meet the requirements of
the ASR system but there are parameters which should not be changed without modifying the User Interface.
for example the sample frequency. Most parameters have more to do with the pre-processor and the
recognition method. Those will be discussed in the next three chapters. Important parameters for the DSP
simulation itself are the sample frequency (SAMPLE_FREQ) to check if the loaded wave file is valid, and the
frame rate (FRAME_RATE), which is the number of samples between each block messages.

Debug information can be stored in a string called DebugText. Some routines are available to manipulate this
string, one can easily add text or integers to this string. It can be cleared and initialised with a default string
that contains the date of compilation. Furthermore one can use any default file operation using the stdio C
library, which comes in handy when debugging algorithms that deal with large amounts of data.

To make the code portable one must use the following construction:
#ifdef SIMULATION <simulation code> #else  <DSP code> #endif

The parameter SIMULATION should be defined in the parameter file. If the DSP code does not contain
statements that are unknown in ANSI C the code can be compiled without the SIMULATION parameter
defined. This is shown in the “Settings™ dialogbox.

For the storage of samples and other data, a file declaring all large data structures is available, the samplé
buffer is already declared it is called samples_bufl SAMPLES_BUF/2 |. The parameter SAMPLES_BUF
should be defined in the parameter file. Because the DSP has no byte addressing the array is an array of
words. It is assumed that two samples are stored in one word: the routine ProcessSample should take care of
this. Efficient implementation of the simulation data structures and accessing them properly makes the code
easier to port to the hardware.
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4.6 Comparing the simulation with the targéet system

The simulation environment closely approximates the hardware but there are a few discrepancies. The block
message used in the simulation environment is not available on the DSP. On the DSP. the Interrupt Service
Routine that corresponds to ProcessSample takes care of storing the samples and computes the index of a
sample in the sample buffer. which is used to store samples. A polling routine is required to check if the end of
a block is reached and the last block should be processed after this limit is reached.

The functionality of the interrupt handling is the same for all interrupts. However the timing of these
interrupts, the processing speed and the available memory are different in the simulation environment.
Therefore all Interrupt Service Routines are written in assembly for the DSP. which makes them faster and
smaller. Polling techniques are used to handle interrupts properly in the DSP. The simulation environment
does not support parallelism. so the real-time tests must all be performed on the hardware.

By the routines described above the handling of peripherals is the same as on the DSP. The described routines
are written in assembly for the DSP, but their interface to C is the same as the routines used in the simulation
environment. The memory limitations that exist on the hardware are not implemented in the simulation
environment, one should however use efficient data structures and take the limitations of the DSP into
account, otherwise code can not be adjusted to work on the DSP.

Altogether the simulation environment offers exactly what we wanted: a way to develop the ASR system
without having to deal with the timing and memory limitation nor with the extensive instruction set of the
TMS320C5x.

4.7 Finishing the systems control

The remainder of this report deals only with the recognition task including pre-processing. Therefore we will
describe the control unit here. The contro! unit takes care of proper initialisation and termination on the
interrupts that occur when the phone is picked up and when it is put on hook again. This includes turning the
display on and off and putting an acknowledgement on the first line of the display using the described display
routines. The control unit is implemented in C code that can be compiled with the Microsoft developer Studio
and the TMS320 C5x Optimising C compiler.

The main task of the control unit is to parse the grammar described in Figure 2-2 and to execute the
recognised commands. Because the grammar is context sensitive a state variable is used. It indicates whether a
phone number is entered either through the use of the keypad or through speech or it is to be retrieved or
stored in the phone number memory. The memory functions are implemented by using a two dimensional
array containing space for 10 phone numbers and 1 line for the last dialled number. The phone number is put
on the second line of the display when a phone number is being recognised. When a command is recognised,
the associated action is put on the first line of the display. When the delete command is recognised, the last
digit is removed from the phone number and the digit is removed form the display. When the ~“Bel” (dial)
command is recognised the routine OpenAudioOut() is called and a Boolean isOpenAudio is set to indicate
that the recognition task is completed and a connection is made. The DTMF tones are generated by calling a
routine ToggleDTMF(). This routine reads the phone number and generates the DTMF tone for each digit. On
the DSP this routine is implemented in assembly and has the same C interface. When the interrupt for putting
the phone on hook again occurs, the Boolean isOpenAudio is inspected and if necessary the routine
CloseAudioOut() is called. Because the interrupt service routines are all written in assembly for the DSP
version, the main program polles Boolean variables to detect certain events. This requires a different approach
than the method described above. The sampler timer interrupt is disabled when the end of a word is found and
enabled again when the classification is complete. The DTMF generator timer interrupt is enabled when the
number is to be dialled after the connection is made. This interrupt is disabled after the number has been
dialled. Then the main program simply waits for the phone on hook interrupt to occur, whereafter the
connection is closed.

(RS ]
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5. Preprocessing, feature extraction for speech data

In chapter 2. we discussed some features of the speech signal. This chapter is about the technique used to
extract those features. We will discuss the mathematical theorv of the technique and its implementation in the
simulation environment as well as the hardware. The reason for so much attention to the pre-processor is that
it has great influence on the achievable quality of recognition and. because the bigger part of the
development time is spent on designing and testing a pre-processor in most projects where some intelligent
technique is applied.

5.1 Techniques for feature detection and related issues

There is a wide range of techniques available for feature extraction of the speech signal. The most prominent
ones are Linear Predictive Coding (LPC) and Fast Fourier transforms (FFT). The LPC technique is based on
finding the coefficients of a linear predictive filter. This filter can be expressed as:

i
Sn = Z aisn-l
i=1

where a are the filter coefficients and s the signal. The standard estimator notation is used. The next sample is
estimated using the weighted sum of the last p samples. The coefficients are usually found by the auto-
correlation method or the covariance method, this method is described shortly in [17]. The popularity of this
method can be explained by the low computational cost compared to FFT-based techniques. A comparison of
pre-processing techniques can be found in [18].

The FFT is just an efficient method for computing the Discrete Fourier Transform (DFT) denoted by:

h¥ - -mlar- .
X(e )= Z x(n)e  \ere, fx denoted the sampling frequency.

n=-%
As The FFT method is used in this application, we discuss it further in the next section. The resulting vectors
form a spectrogram, which is also discussed in the next section.

Both methods described above form the core of a pre-processor unit. Other issues that have to be reckoned

with are:

Separating speech segments: finding the start and end of each spoken word in the speech signal,
Windowing: some kind of filtering to limit the range to which the FFT is applied
Normalisation: scale the resulting vectors to fixed size vectors

Compression: compress the resulting spectrogram to a fixed number of time slices
Vector Quantisation: map each time-slice to a so-called code book vector.

Sometimes a filter is applied to stretch the signal in the lower part of the frequency spectrum and to compress
it in the higher part. This corresponds to the features we discussed in chapter 2. One commonly used filter is
the Mel-frequency bank denoted by the formula below:

m=112510g(0.0016 / +1)

However we did not use this filter The issue of vector quantisation is discussed in chapter 7, because it only
applies to the pre-processing for the Hidden Markov Model. The general idea is that we have a so-called code
book of vectors to represent different classes, each input vector falls into one class. After classifying an input
vector it can be treated as a symbol. This is necessary for the chosen Hidden Markov Model type, which uses
discrete probability distributions instead of continuous multivariate probability density functions. This choice
is explained in chapter 7.

o
I
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5.2 Pre-processor definitions

First some definitions. We consider a frame to be a vector containing 128 samples. corresponding to 16 (ms]
of sampled sound. Thus using the z operator we can define a frame as:

F(n)=[x*z"®""% x* g% x* 2] = [x(128n -127), x(128n - 126),..., x(128n)]
A block is considered to be a vector containing 256 consecutive samples, but, unlike frames consecutive
blocks overlap. The block is defined by:

B(n)=[x* 2" xx g B  xx 2 = [F(n-1), F(n)]

The volume in a block, which we will use to separate spoken words is defined as follows:
255 127 127 255

V(n)=Y. B(n)= D F(n-1)+) F(n)= > x(128n - i)

There are two constants defined to separate spoken text from background noise. These are v, and v,

resp. the trigger level and the norm level. The trigger level is the volume in a frame that definitely contains
speech signal. The norm level is the minimal volume in a frame containing speech signal. A third constant

N - is the maximum number of blocks containing a volume below the norm level which may be contained in

a series of frames belonging to the same spoken word. This corresponds to the amount of silence between the
svilables in one keyword and we will refer to this constant as the maximum gap. Now we have to make the
assumption that either no speech has been detected yet or we know where the last spoken word ended, which

ever is the case. We assume K, is the point after which no more than one keyword is stored in the buffers.
Furthermore we assume at ko there have been a sufficient number of frames containing silence. Once we have

a way of spotting spoken words these assumptions hold for known k . Now we give a formal definition of the
method to find the spoken keyword, by defining two indices &, and K, so that

W = [F(kﬁv:\‘l )’ F(kﬁm + 1)""’F(kl¢m )]

is exactly the sequence of samples containing one keyword:
k., =minarg(V(k)=2v

first

g N> Ky)
k bl Elok 2t (B
Now that we know where the keyword begins and gnds, we might consider storing the entire speech signal
representing this keyword, however it would require a very large buffer to contain all the samples. Instead we
store only a small amount of samples and perform an FFT every time a new frame is filled. This requires the
computation of 62.5 FFT’s per second. We will look more closely at the computational load of the pre-
processor later. To be able to calculate the FFT while new samples can still be stored in the buffer, we store
three frames in the buffer corresponding to 384 samples. The oldest two frames together form a block to
which the FFT is applied. One problem has to be solved yet. and this is the problem of the infinity of the
signal in the time domain, which is required (theoretical) to perform an FFT. The problem is partly solved by

considering the signal contained in one block to be periodic, thus we define B;(n) = B, 415 (7). However

fusi = max arg(Vl € [k — A, nurm)

this causes some problems with continuity at the edges. Hence some kind of windowing filtering is required.
Whatever filter we use it must preserve the total energy contained in the signal when all the blocks are
considered. One common filter applied to solve this problem is the n-point Hamming window, defined by the

function H (n)=054-046cos(275). which looks a bit like the Gaussian probability density
function. A 256-point FFT is applied to the inner product of the last filled block and the 256-point Hamming
window. Were not the complex result but the distance in the complex plane is considered, leaving only 128
frequencies to consider, the resulting vector is then compressed to 16 frequency bands which form one timg

slice, expressed by the formula:

S(f+1)+l 255
T,(n)= c-L(k ; log|Y_ B,(n)H (256)e"”™|)
= f8+1 1=0
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The log function is necessary to extract sufficient information from the lower part of the frequency spectrum.
Note that the DC-component, corresponding to, K = 0 is not calculated. It is not of interest, because it is
already measured by the volume V'(n). The factor c is just a scaling factor so that all the values fall into the
. The index j is

in and maximum f

range [0..253]. The function L is a hard-limiter with minimum fn

used instead of i so that it is not confused with the imaginary i = v—1 . In our implementation all values
stored in buffers are either bytes, words, integers or longs; only intermediate results are stored in floats. Also

. . . . . he]
the values in the time slice do not correspond to the real frequencies; they differ a factor ﬁ . The butter-fly

FFT algorithm has been described and proven by many authors in the field. In [2] you can find a very use
full and well-explained version.

At the moment the end of a spoken word is detected, the spectrogram formed by the time slice
I'(k,,,)... T(k,, )is compressed to a 256-point spectrogram. After compression the spectrogram is scaled

or normalised in order to use the full byte range. For the compression each time slice is multiplied by a
weight factor defined by

r([ + 1)_ "([) — nﬁr.\‘l([) r nla\'l(l)
10- (r(,) - "/irxl([) k= njim‘l([)/\ nﬁr.\'l([) * nluxl([)

W(k:[) B I'([ + 1) - nla\'l(’) k= nluxl([) A nﬁr.\'l(l) * nla«([)
10 = ”/im(’) = n,,(~k= ”/;m(’)’\ k=n, (1)
where,
) r(t+1)<=1t<13
’(l) S5 ﬁ(kla.w - kﬁr.rl ) n_ﬁn‘l([) = L'([)_] nltm ([) = L J

k -le=tr=13

lust

This definition deserves some explanation. It takes care of some edge problems. The first option occurs only
when time slices need to be stretched, something that will not occur very often. The next two options
compensate for the first and last intervals which will be shorter than the intervals in the middle of the
sequence. The last option occurs in the default case where a whole number of time slices are compressed to
one time slice.

With the previous definition we can now formalise the method of calculating the compressed spectrogram:

M (1)
D wik,0)-T,(k)

kenpa(1)
S,(1) = g (1)

D w(k, 1)

k=ng  (+)

Saimand S, are used to scale the spectrogram within the byte range, they are the minimum and maximum
value in the spectrogram rounded to integers. The scaled spectrogram is obtained by:

5 0| 235:(85,(0)-5,, ()
Sf(,)_ Smu(’)_Smin(’)

The last step. which is only performed when we use the Hidden Markov Model, is vector quantisation.
Assuming we have successfully determined a number of codebook vectors representing N different

classes. then each time slice in the spectrogram has to match with one of the code book vector. Let m denote

classes

28]
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the different codebook vectors and C, the different classes, where each class is defined by a number of

codebook vectors. The observation sequence is generated as follows. First the codebook vector is found using
the Euclidean norm:

m(t) = arg min(m € U C, ::”m - S(t)||)
k -Nclasw:]
Than the number of the class to which the resulting vector belongs is assigned to the next symbol in the
observation sequence:

o(t)=arg(k €[, N, J:m(t) €C,)

classes

5.3 Implementation and analysis with Matlab ™

Matlab is a very powerful tool for building and testing signal processing components. It has a huge amount of
built-in signal processing tools and allows fast vector operations. Also the graphical tools included in Matlab
are very handy to visualise intermediate results. This makes Matlab a good environment for designing and
implementing signal processor prototypes.

The Matlab prototype of our system consists of a set of files. Each file performs one step in the feature
extraction. The first step loads a wave file and stores it in a vector. Each file has access to the pre-processor
parameters which are stored in a file called globals.m This file contains the parameters:

Ve “TRIG_LEVEL, v, -NORM_LEVEL, N, -MAX_GAP , f, . -CUT_SPEC_LO, f, ., -CUT_SPEC_HI
The input vector is split into a number of smaller vectors using TRIG_LEVEL, NORM LEVEL and
MAX_GAP. These parameters should be adjusted to fit the recording hardware as good as possible;

furthermore the sampled speech must contain enough energy to be useful.

The spectrogram is calculated in five steps. In the first step a time-slice is computed by performing an FFT
after windowing and applying the Hamming filter. In the second step the number of frequency bands is
compressed to NOF_FREQ BANDS. In the third step the values in the time-slices are scaled and hard limited
using CUT_SPEC_LO and CUT_SPEC_HI. In step four the number of time bands is compressed to
NOF_TIME_BANDS after this step a 16x16 spectrogram has been computed. In the last step the values in the
spectrogram are scaled to benefit from the full byte range. These five steps correspond to the definitions
described above. The five steps are performed by five Matlab functions which can be found in Appendix E.1.
In Figure 5-1 the computation of a spectrogram is visualised.

1 step 4 and 5

2944 samples 22 timeslices 22 timeslices 16 timeslices
128 frequencybands 16 frequency bands 16 frequency bands

Figure 5-1 Computation of spectrograms

The spectrograms shown in chapter 2 were generated using Matlab and the described pre-processing
algorithms. The tests described in chapter two, which are shown in Appendix C show that this pre-processing
results in spectrograms containing sufficient information. In the next sections the implementations in the
simulating environment and on the hardware are discussed; the Matlab pre-processor is used to measure the
quality of the pre-processor implementations.
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5.4 Simulation: implementation and results

The parameters in the simulation environment are the same as the parameters in the Matlab pre-processor
described above. Some new parameters, dealing with buffer sizes were added. Source code of the discussed
algorithms can be found in Appendix E.2. In the simulation samples are processed by the routine
ProcessSample(). In this routine the samples are put in the sample buffer. An index (pSample) is maintained
that corresponds to the number of samples in the buffer, not to the number of words in the buffer. At odd
indices samples are stored in the Most Significant byte of each word; this is done by shifting the sample eight
bits to the left and adding it to the word that contains the previous sample in the Least significant byte. The
volume of each block (level| i_level |) of 128 samples is calculated by summing all the levels of the samples
stored in that block. where i_level is the index of such a block. In the routine ProcessBlock() the total volume
of the samples in the last block of 256 samples (total_level) is calculated by adding the levels of the last two
blocks of 128 bvies. There are three blocks of 128 stored in the buffer, so that one block can be filled with
new samples while the other two blocks can be used for pre-processing.

In ProcessBlock() the new time slice is calculated by performing a Butterfly FFT to the last block of 236
samples. At the end of the FFT the time slice is compressed to values and hard-limited, this correspond to step
2 and 3 in the Matlab pre-processor, The resulting time slice is stored in a spectrogram buffer (spectro_buf]
i_spectro [), this is a circular buffer with index i_spectro. The 16 (byte) values in each time slice are packed
to 8 words, like the samples in the sample buffer. The size of the spectrogram buffer is determined by the
parameter SPECTRO_BUF. It should be large enough to contain each word in the language presented in
chapter 2, with a sample rate of 8000 Hz and a maximum word length of 1500 ms. This size must be about
8000%1.5/128 =~ 94.

The total volume and the three parameters TRIG_LEVEL, NORM_LEVEL and MAXGAP, stored in the
designated file. are used to detect silence. When the start of a word is found, the volume is greater than
TRIG_LEVEL and the start of the word was not found yes (i_spectro == SPECTRO_BUF), the start of the
word in the spectrogram buffer is marked by setting an index (i_norm) to the current index of the spectrogram
buffer (i_spectro). If a gap of silence (more than MAX_GAP blocks) occurs i_norm is reset to
SPECTRO_BUF. At the end of the word, detected when MAX_GAP blocks of 128 samples with a volums
less than NORM_LEVEL have been read, the spectrogram is computed in two steps in the routine
NormSpectro(). This routine takes two parameters: the start of the word (i_norm) and the number of time
slices to include. Each frequency band is compressed to 16 time slices, corresponding to step 4, by the routine
Compress() which takes three parameters: the frequency band ranging from | to NOF_FREQBANDS, thz
start of the word (i_norm) and the number of time slices to included. Compress() puts the resulting time
slices in a two-dimensional array spectrogram|{ NOF_TIMEBANDS || NOF_FREQBANDS |. After all the
frequency bands are compressed, they are scaled to the full byte range, corresponding to step 5 at the end of
NormSpectro().

When the Hidden Markov Model Classifier is used. the spectrogram is translated to 16 observation symbols in
the routine GetSymbols(). For each time slice the closed codebook vector is found using the Euclidean
distance. The codebook vectors are stored in the two-dimensional array CodeBodk| CODEBOOK_SIZE ||
NOF_FREQBANDS/2]. The codebook vectors, containing byte values, are compressed to half it’s length like
the time slices in the spectrogram buffer.

The quality of the pre-processor implemented in the simulation environment is judged by the quality of the
generated spectrograms. When the pre-processors implemented in the simulation environment and Matlab are
applied to the same speech sample, the mean squared error is 0.000 for all generated spectrograms.
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5.5 Implementation on target platform

The pre-processor implementation on the TMS320C30 differs at several points from the Simulator
implementation. These difference are found in sampling, control, the FFT and the compression of the time
slices to an 16 dimensional vector. The differences between the two implementations concerning control have
been discussed in the previous chapter.

The interrupt service routine ProcessSample() was implemented in assembly because is should be very fast 10
save time for the computation of the time slices. The use of C interrupt service routines is supported by the
compiler but it results in slow code, which is caused by the extra overhead to save registers on the stack and
the inefficient assembly code that is generated by the compiler. The assembly deals with some extra scaling of
the received samples to select only the significant bits. We do not discuss the assembly algorithm itself
because it requires some knowledge about the assembly language that is specific for the TMS320C50 and
about the communication with the AIC chip. The functionality of the assembly routine is the same were only
bufter access. volume updates and index computation is concerned.

The Butterfly FFT was fully implemented in assembly. Our code was based on the Butterfly FFT avajlable on
the Texas Instruments Internet site Attp:/Avww.ti.com, written by Manfred Christ. Some adjustments had to be
made:

. The memory map was adjusted. The original code was written for a TMS320C35x simulator that had a
different memory architecture.

2. The buffers used by the original where all on one memory page and directly accessed without updating the
data page pointer. The code was modified so that the buffer could be on any data page and data page
pointer updates were added.

The original code was written to be included in assembly programs or not included in any program at all.
The input and output buffers and the call to the main FFT routine were made accessible from C code,
header files were added to make the interface to C simple and clear.

w2

The square root, to compute the absolute value of the complex value that result from the FFT, and the log
function used in the computation of the time slice proved to take too much processor time, mainly due to the
numerical approximation algorithm for the log function included in the math library for the TMS320C5x C-
compiler. Instead the mean of the sums of real and imaginary part of each value was used for each frequency
band. Although this is a significant difference with the original method, the resulting spectrograms look alike.

5.6 Performance

The accuracy of the sampled data on the DSP is equivalent to the Sound Recorder used on the PC for the
simulation environment, when the Sound Recorder is set to a sampling frequency of 8000 Hz and 8 bit
accuracy. The AIC chip has a programmable SCF chip that performs a low-pass filter. It is set to a cut-off
frequency of 4000 Hz, which corresponds to the Nyquist frequency at the chosen sample rate.

The assembly Butterfly FFT that was initially used has an accuracy of 16 bits. The 236 point FFT requires 8§
stages, See [2,4]. With 256 multiplications and additions per stage, eventually only 4 to 5 significant bits
remain. This proved to be insufficient for both speech recognition methods, thus we replaced the algorithm
with its 32 bit variant. A setback of this replacement was the increase in both the number of instructions and
the amount of data memory required.

The quality of the pre-processor was again measured by comparing the resulting spectrograms with that of the

Matlab version. On first sight the spectrograms look the same: the spectrograms of both version for all thirteen
kevwords are shown in Appendix F.
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Apart from some difference in the volume of the input signal resulting in less distinctive spectrograms, most
distortion occurs in the lower part of the frequency spectrum. This is caused mainly by the absence of the log
function in the DSP version, log function stretches the lower part of the frequency spectrum.

5.7 Discussion

At the point where the pre-processor was operative a lot of out time had been used. The resulting pre-
processor took the greater part of the 10K words available memory and we had to admit that more time should
have been spent in selecting proper pre-processing techniques. Our choice was mainly based on our signal
processing experience and the available documentation. Decreasing the code size and the required processor
time may be achieved by applying the LPC technique with cepstral coefficients which is applied more often in
the field of speech recognition though this techniques performs little worse, See [18].

The pre-processing alone proved to require intermediate use of float arithmetic. The TMS320C50 is not a very
good choice from this perspective because the floating point operations have to be imported from a math
library. This requires a huge amount of processor time and memory. The TMS320C3x has an on-chip floating
point unit that can perform floating point operations in one instruction cycle, which makes is more appropriate
choice for the system we build. One advantage of not using the floating-point DSP is however that one is
forced to implement code using integers as much as possible which requires less data memory. Another
advantage is the price of the TMS320C5x DSPs which is much lower than the price of the TMS320C3x DSPs.

The adjustments that had to be made to the Butterfly FFT assembly version took much time. This seems to be
a general problem with “stolen” code, even with C code. It explains why one takes pride in stealing code and
making it work. The remark Stolen with pride seems to apply very well in this situation. The lack of
documentation may well prevent others from using one’s code.
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6. The Multilayer Perceptron

In this chapter we discuss the use of a Muliilayer Perceptron and its implementation which is the same for
both the simulation environment and the TMS320C50. The theoretical background is discussed very briefly
because it has already been applied and described by so many others in the field of signal processing and
imtelligent systems. especially at our department. For those interested in the theoretical background of the
MLP one is referred to the open literature.

6.1 The Multilayer Perceptron

Multilayer Perceptrons are used for a wide range of classification and prediction problems. A search for its
applications on the Internet gives an enormous list of links, which shows the popularity of this Kind of
Anrtificial Neural Network. However the MLP is not used very often for speech recognition as the basic
recognition technique, more often a combination of the MLP and a Hidden Markov Model is used. These
Hybrid models and their history are briefly discussed in [12]. Some of the theory of these models is described
in [13]. However, we had a lot of experience with MLP for pattern recognition task dealing with two
dimensional input data, i.e. drs Ter Brugge (RuG) has implemented a system for car number plates recognition
and much research was done in the field of character recognition (OCR). The spectrograms produced with the
pre-processor described in the previous chapter are especially fit for patiern recognition using the MLP. thus
we gave it a try. In the rest of this section we will briefly discuss the MLP. For a full description see [12], a
200d summary of the MLP presented in [12] is given in the Master Thesis of drs. H. Stevens (RuG).

The Multilayer Perceptron is a Neural Network with several layers, where each layer contains a number of
neurons which are Perceptrons , see [3]. A Perceptron has a number of inputs and one output. The sum of
these products is filtered by a so-called activity function. Mathematically the Perceptron can be denoted:

r
y=0(-0 -w, + Z w, -X,)
k=1

where y is the output. x the input, p the number of inputs, w the weights. 8 a bias and ¢ the activity function.
The Sigmoid function is often used as activity function:

1

(p(v)=1+e

-av

where a is the slope parameter. The first layer in a Multilayer Perceptron is called the input layer and does not
contain neurons but just holds an input vector. The last layer is called the output layer. The layers in between
are called hidden layers. In Multilayer Perceptrons the output of one layer is offered to the next layer, thus
data always flows from the input layer to the output layer. Therefore the Multilayer Perceptron is called a Feed
Forward Network. The MLP is trained by offering the input and desired output vector to the network. The
difference between the output produced by the network and the desired output is the error. The error is used to
adjust the weight in all the Perceptrons starting at the output layer and ending at the input layer. The training
algorithm is called error back propagation or simply error back.

The adjustments to the weights depend on the derivative of the squared errors of the output of the layer to the
weights of the Perceptron and a learning parameter which determines the percentage of adjustment at each
training step. The sigmoid function together with the error back propagation algorithm form the training
method which is called Gradient descent. The MLP can be seen as an alternative for the Least Mean Square
algorithm described in [12]. (8] and [3].

When using the MLP for classification, usually each output neuron corresponds to one class. Thus the desired
outputs used for training the MLP, called the training set, have one output fully active (usually 1) and all
others non-active (usually -1). After training however the neural network does not produce output vectors
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containing exactly two possible values for each output but values in a certain range. To determine the
recognised class one has to search the neuron with maximal output (activity level). Usually not only the best
neuron is searched but it is also checked if the output level of the best neuron (Absolute level) and the
difference between the output of the best and second best neuron (Difference level) are high enough. These
are called rejection criteria. What is high enough, has to be determine on basis of the desired quality. High
values for the minimal Absolute level and minimal Difference level result in lower recognition rates and less
errors .

6.2 Neural Networks for speech recognition

Apart from the MLP there are several other types of neural networks used for speech recognition. Though thev
are not as popular as Hidden Markov Models the number of publications on Neural Networks for speech
recognition is huge. Both supervised as unsupervised learning is used. One example of an unsupervised neural
net frequently used as part of a ASR system is the Kohonen network or Self Organising Feature Map (SOFM)
which also called Linear Vector Quantisation (LVQ). This type of network was used in combination with
Hidden Markov Models, See Appendix H. In [19] a K Nearest Neighbor (KNN), which is basically a SOFM,
is compared to a recurrent network. Recognition rates of 44.4 % and 70.3 % were achieved resp. In general
Recurrent networks and TDNN’s' are used, which have the advantage of using temporal information
compared to a “simple” MLP.

6.3 Implementation

The design and training of the MLP was done using Interdct. The spectrograms are offered directly to the
MLP. thus there are 256 inputs (number of time frames multiplied with the number of frequency bands). There
are |3 Keywords to be recognised, we used one output neuron for each keyword. One Hidden was used. As for
the number of hidden neurons, neurons in the hidden layer, several experiment were conducted by the students
participating in the course Technical Al and 7 hidden neurons were required to get any performance at all,
more than 13 neurons resulted in poor generalisation, the best performance was achieved using 9 hidden
neurons. Because 9 hidden neurons used as much memory as 10 hidden neurons in the generated C code for
the MLP using 16 bit accuracy, 10 hidden neurons were used. Several experiments were conducted to
determine the ideal learning rate and learning momentum, see [12], which appeared to be 0.7 and 0.2
respectively. One of the Multilayer Perceptrons that was used is shown in Figure 6-1.

Tapped deiay Neural Networks
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Figure 6-1: The Multilayer Perceptron

In the simulation environment the C code for the MLP generated by InterAct with float arithmetic was used.
Nijhuis wrote an additional code generator in Inter4ct based on compressed inputs. The spectrograms
produces by the pre-processor are compressed with respect to the number of frequency bands. Moreover
instead of float precision integers arithmetic was used with 16 bit accuracy which required some extra scaling.
Although in many publications on the subject of required MLP accuracy it is said that 8 bit accuracy should be
sufficient this resulted in huge errors in the calculation of the neuron outputs (600 %) in our experiments. The
subject of accuracy requires more research, in our opinion. The source code of the MLP used on the DSP can
be found in Appendix G.

Rejection criterion were implemented in a special routine called Recognize(). First the computed spectrogram
is offered to the MLP. Than two parameters (THRES_ABS=110 and THRES DIF 30) ABS_LEVEL and
DIFF_LEVEL) were used to determine if the input signal should be rejected. The outputs of the MLP were
scaled in the byte range, like the input vector, the spectrogram.

6.4 Discussion

The implementation of the MLP went very smooth. No particular problems, except the accuracy, were
encountered. However there are some potential problems. Firstly, there was not very much data available, only
40 test persons, which required repeating the experiments several times. All the test persons are male students
at the University, some speaking dialects, therefore recognition problems will probably occur with female
speakers and dialects. The problem lies in data acquisition, it is not feasible to acquire a large amount of
speech data in short time. Speech data is available for English phonemes, and for Dutch words too but only on
a commercial basis. Secondly, the MLP does not benefit from any prior knowledge concerning grammatical
features of both the language and the keywords themselves. Using prior knowledge in Neural Networks is a
subject of much research at the moment. It is sometimes referred to as the initialisation problem for ANNs.
currently ir. W Jansen (Ru«G) is working on the subject.

(2
(28]
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7. The Hidden Markov model

7.1 Background

Hidden Markov Models are a very common technique for speech recognition. They became popular in the
field of speech recognition in the mid-eighties where a lot of pioneering work was conducted by Juang and
Rabiner. They have formalised the model and nowadays most ASR system are based on their work. Although
the next definition, stated by Rabiner and Juang (1986), will not be very clarifying we want to give a taste of
the model:

A Hidden Markov Model (HMM) is a double stochastic process with an underlying stochastic process that is
not observable (i.e. it is hidden), but can only be observed though another set of stochastic processes that
generates the sequence of observed symbols.

In the next two sections we will consider Markov Chains, Stochastic Variables and Finite state automatons.
After this the definition above will hopefully be more insightful, and we will illustrate it with a simple example
using the well known Urn-model approach. The basic idea behind the theory if Hidden Markov Models is that
some kind of (observable) data is generated by something that generates data depending on its states, which
are not observed. In terms of speech we observe (hear) the sound produced by a voice, but we can not see the
vocal cords which produce the sound we hear. The goal we want to achieve is to find a machine that tracks the
vocal cords so that we can retrace what was meant by a sound. Although this is a very simplistic view, it can
help vou to understand the rest of this chapter.

7.2 Markov Chains

Markov Chains are used to model several kinds of stochastic processes, or processed driven by chance.
Although a pure probabilistic process, or pure random processes can be considered as the only true random
process, there are many other processes that are not random in essence, but chaotic. Chaotic processes are
driven by deterministic rules (i.e. the rules of physics), but the amount of influences in the process makes it
random in our eyes. An often used example is that of the distribution of ink particles in time when a drop of
ink falls into a glass of water. When the space is considered to be discrete, Markov Chains can be used to
describe this process.

We simplify our model considering it as follows. There are 5 possible intervals for the ink particles to be in,
initially there are N particles. We want to find out the amount of particles in each interval in time: A(t), where
A(1) is a 5 dimensional vector. Given the physics of fluids we can say something about the fraction of particles
going from one interval to the other. These fractions together form a 5 by 5 transition matrix P, which allows
us to say something about A(t) knowing the initial distribution A(0). For the amount A(1) only depends on the
(distribution at A(t-1) and is given by A(t-1) * P. Mathematical interesting is of course the question of
convergence and stability, though in is not for our application. These features can be calculated by looking at
the Eigen vectors of P, and the diagonal matrix representing P. The most important aspect about Markov
Chains is that the distribution at time t is only dependent on the distribution at time t-1.

The number of ink particles in a certain interval is typically expressed using a stochastic variable. If we denote
the stochastic variable describing the distribution of particles X and a realisation of this distribution with
1,2..M, then the dependence on previous distributions is described by

P(Xl = iIXl-l = ja/\,:-z = k)= P(Xl = ile-l = .])
Where ij and k represent a certain realisation of X. We have introduced the concept of Markov Chains very

coarsely. For a more profound description see [3). In the next section we will have something more to say
about them.

(V9]
(V3]
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7.3 Finite State Automata

Another concept that lies beneath the Hidden Markov Model is the Finite State Automaton (FSA). There are
essentially two ways in which the idea of the FSA is used in HMM’s, we will discuss both here. The first IS
that of a language parser or generator. In this case the FSA goes from one state to another generating a symbol
that is part of the language. An example of this kind of FSA is shown in Figure 7-1(a). This FSA generate the
language which is described by the regular expression a*b(ca+ba*c)*ab* some examples of strings in this
language are “ba”,"abcbaacab™ and “‘abbccaa”. Finite states are marked as such by a double circle around the
state number. As we will see these Kind of FSA’s can model the keywords in our language where the length of
the vowels can be expressed as the number of recurrent- or self transitions of the state corresponding to that

vowel,

a \ l/
o, %.
a
py|
W ¢
74N
" - . o -
N ¥,

Figure 7-1: Finite State Automata

7 , v
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However for the concept of the FSA to be useful in this context we will have to look at it in a slightly different
way. This is also where the Markov Chains come in again. Instead of labelling the transitions with symbols we
label the them with transition probabilities, this we call a stochastic automaton, In example is shown in Figure
7-1(b). Here the probability of moving from state | to state 2 is 30 %, and, the probability of staying in state 3
is 80 %. These kind of FSA’s can be described by a Markov Chain:

7y =(1,0,0,0) | The initial state

00 10 00 00
00 07 03 00

P= » The transition probability matrix

00 02 05 03
00 00 00 08

The initial distribution is given by (1,0,0,0). We can now calculated the probability of being in a certain state
attimet = 3:
73y = 7P = m PP = 1, PPP = 1, P’ = (0,1,0,0)P* = (0,0.7,03,0)P = (0,0.55,0.36,0.09)

Thus att =3 state | is the most likely state. In this mode! the sum of probabilities of being in a certain state is
not always 100 %, due to the fact that at state 3 one “leaves” the model. In a strict Markov Model this is not
allowed, though in Hidden Markov Models it is very common as we shall see in the next section. Clearly the
probability distribution at a certain time only depends on the previous distribution. This holds for all Markov
Models, though there are variations on the theme that allow a dependence on a fixed number of previous

distributions. Another assumption is often made, that is, the assumiption that the transition probability matrix is
invariant or independent of time.
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7.4 The theory of HMM'’s

In a Hidden Markov Model the underlying process is assumed to behave like a finite state automaton with
unknown transition probabilities. These unknown probabilities are the hidden part of the model. At each
transition a symbol is generated, these are the symbols we observe. This is illustrated by the Urn model we
will now discuss.

Assume there are a certain number, say N, of Urns. These Urns contain balls with R different colors, the
fraction of balls with a certain colour differ from Urn to Urn. There are two persons participating. The first
person starts at a certain Urn and randomly Picks a ball from this Urn. After picking a ball the first person
select a next Urn using some random procedure, which is different for each Urn. The second person is
standing behind a curtain and can not see the first person. Every time the first person picks a ball he shouts
the colour of the ball and moves on. Now the probleni to be solved by the second person is to guess the
sequence of Urns using the sequence of colours. knowing the number of Urns and the number of colours.

The Hidden Markov Model is defined by (a) a transition probability matrix [ modelling the random
procedure to go from one Urn to another, (b) an observation probability matrix Il corresponding to the
probability of a certain ball colour to be selected at each Urn, and (c) an initial state distribution o
corresponding to the probability of all the Urns to be the first. The states are labelled 0,1.. N-1. Clearly the
states in the model correspond to the Urns in the example. The observations symbols, corresponding to the

colours of the selected balls, are labelled 0,1.. R-1. The observation sequence is denoted {S,:f € N}. The

sequence of states, which is to be estimated is denoted {C,:f € N} . The definitions indicate that observation

and state sequence can be infinitely long, to be able to perform computations in the model the sequence
lengths are always limited.
In the remaining part of this chapter we will denote a realisation of the stochastic variable X simply with X,

thus P(X, = x,) is writtenas P(X,).

The transition probability matrix is defined by (I'), =y, = P(C, =i,C,,, = j),the probability of moving
from state i to j. The observation probability matrix is defined by (IT1), =7z, = P(S, =sC, =1i). the
probability of observing symbol s in state i. The Hidden Markov Model is denoted 4 = (I", 1, 5)

An important assumption is made:

The realisations of the probabilities of the observation symbols in a sequence are independently distributed,
these distributions only depend on the state.

The following properties of the stochastic variables are used to deduce the Forward-Backward and the Baum-
Welch algorithm presented further on, for a detailed description see [10}:

. YVt e[l,T)::P(S,,S,,...5:1C) = P(S,,S,,...S,|C,) P(S,,,,S103,---S7C))

2. Yt e[, T -1} P(S,,S,,-.-5;1C,,C,,)) = P(S,,S,,...5,|1C,)- P(S,,,,S,,2,:--S7|C..))
3. VLI <t SIS T-P(S,, S, 8:1C,Coutros ) = P(S1, S-S5 C))

4. Yt €[, T}::P(S,,S,.,,---S;|C)=P(S,|C,) P(S,.,5S,.2,---S¢|C,)

There are two problems to be solved. The first one is that of classification: does a certain observation
sequence fit the model, or mathematically: compute P(S’|A). The second problem is called the training

problem. given a set of observation sequences find the best model or optimise the model. We first address the
classification problem. This problem is solved by the so-called Forward-Backward algorithm, this is called the
likelihood estimation too.

(93 )
wh
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Two probabilities are defined:

I. The forward probabilities: a,(i)= P(S,,S,,.-.S,,C, = 1)
2. The backward probabilities: B() = P(S,.1,S13>-28/1C, =1)

With these definitions the probability of the observation sequence being in state i at time t can be computed
my multiplying the forward and backward probability. The likelihood of an observation sequences can be
computed using only the forward probabilities:

L = Az-la,(i)-ﬂ,(f)= P(S,.S,,...8)= L, = Z a,(i) = P(S,,S,,....8;)

The Forward-Backward algorithm calculates all the forward and backward probabilities. This is done in an
iterative fashion where the forward probabilities are computed with increasing indices ( j ) and the backward
probabilities with decreasing indices ( i ), resulting in the following probabilities:

B (i)=la ()= P(C, =i)-P(S, =s]|C, =i)=6, -7,

N -1

at+l(j) = (Z al(i).}/ll5l).ﬂ'.‘,.|l
1=0
-1

B =(2 7., BuliN7,

The training problem improves the Hidden Markov Model using a set of observation sequences by maximising
the likelihood of P(S'’| A) for all the observation sequences. The model is therefore called the maximum
likelihood estimator, see [8] for estimator theory. The maximum likelihood maximisation algorithm is called
the Baum-Welch re-estimation algorithm in honour of its inventors. The notations ¢,d and e defined below are
used accordingly to Levison er al. The number of transition from state i to state j, given the observation
sequence, is computed:

7-2

-1
e, =2 P(C,=1,Cppy = 18,84, uSp) &y, 2 e (i)im, BT L,
=0 =0
The number of occurrences of state j and observation symbol k at time t, given the observation sequence,
where time t can also be seen as an index in an observation sequence is computed:

7-1
d,=Y P(S, =k,C, = jlS.5...8)= > a,(j)-BU)L

=0 fee =k

The probability that i, given the observation sequence is computed:
e, = P(C, = i|S|,Sz,...,Sr) =a,()-f) Ly

These results have been deduced using the properties (1) - (4) described above. Instead of using the
commonly used log likelihood a function Q is defined so that the following inequality holds, which gives a
useful alternative for the log-likelihood itself.

log(L,(4)/ Ly(A) 2 (Q(4,4)~ O(4,A))/ Ly(2)

Where L, (A)denotes the likelihood of an observation sequence evaluated at parameter values for the

Hidden Markov Mode! A. Clearly replacing an existing mode! A with a new model A so that

Q().Z) > O(A, A) increases the likelihood, taken into account the concavity of the log function. The

function Q is a measure for the probability of sequence to fit the model, expressed by a sort of inner product of
the estimated model based on the observation sequence and the existing model. This way it all comes down to
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expectation maximisation with maximum likelihood estimators. Therefore the Baum-Welch algorithm
belongs to a class of algorithms called EM" a)gorithms. The function Q is defined:

M-1 Al-1 N~ M- M-
O(A,A)= elogd + Y. » d logw, +2. 2 ¢, log7,
1=0 7=0 k=0 1=0 ;=0

It is shown by Levison et al. the function Q is maximised by setting 4 to 4 = (5,11, I:) where
M -1

M- N -1
8=,/ 3 Bndiny= O gl Dol B Gzl
=0 k=0 1=0

The estimation described here is just one step in the re-estimation algorithm. The model is improved in what
we call a learning cycle using all the observation sequences in a training set. The learning cycle can be
repeated until a desired accuracy is reached, or, more commonly applied, when the difference of the total
probability of the training set being fitted by an improved model and the oid model is smaller than some pre-
defined vaiue.

In Hidden Markov Models the hidden part is mainly the state probability matrix. It is not known when the
underlying model, that is to be estimated, moves from one state to the other. There is always some implicit
assumption on the probability distribution of the observation probabilities. In the model described above a
uniform discrete probability distribution is applied, in the next section alternatives will be presented.

7.5 Using HMM’s for speech recognition

The model described above, defined according to Levison er al. is only one of many possible model types.
The model type suggested by Rabiner, Juang and others differs at several points, of which two are relevant in
this context. Both differences concern the Architecture of the model. The first difference is the state transition
matrix. In the model proposed by Rabiner er al. states are only connected to itself and one successor, thus the
state transition matrix becomes a Jordan matrix: this kind of model is called a (Feed) Forward Hidden Markov
Model, as the MLP is a Feed Forward Network, a three state Feed Forward HMM is shown in Figure 7-2 A
second difference is that the model proposed by Rabiner er a/. does not produce or parse symbols within states
but at state transitions. Thus the model can be defined by two arrays of transition probabilities: the recurrence
probabilities and the next probabilities and two arrays of observation probabilities per state, the observation
probabilities at recurrent and (so-called) next transitions.

Start

Figure 7-2 A 3-state Feed Forward Hidden Markov Model

The initial state probabilities are no longer necessary, for the first state is now uniquely defined. The testing
and training algorithm changes slightly, where the forward and backward probabilities are computed slightly
different, we discuss these modifications on an implementational level in the next section.

The uniform discrete probability distribution described, the one we implemented, is not dlways applied in the
context of speech recognition. A discrete alternative is a multi-binominal distribution. All discrete forms
require a form of vector quantisation to limit the number of observation symbols. J. Tebelskis argues that

Expectation Maximisation

5
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vector quantisation introduces unnecessary distortion. In his Post Doctorate Thesis he applies a continuous
multivariate Gaussian probability distribution for the observation probabilities. and avoids vector quantisation.
In his model the mean and standard deviations are stored in what is the observation probability matrix in our
model. He takes into account that the observations are correlated, but without further argument he states that
the matrices of means and standard deviations are diagonal matrices. Thus he does not compute and use the
correlation of the observation probabilities.

One single Hidden Markov Model is not sufficient for classification. Usually one Hidden Markov Model is
trained per keyword. The set of Hidden Markov Models to classify keywords from a certain language has yet
10 be integrated to construct a classifier. There are several techniques available to construct a classifier. One
approach is to merge the Hidden Markov Models into one single Hidden Markov Model. To determine what
kevword fits the model best, after the probability of the observation sequence has been computed, is to use a
decoding algorithm. Usually a Viterbi algorithm is applied, described by Rabiner and Juang. This algorithm
determines the probability of a state sequence which can be used to retrieve the most likely state sequence and
thus the most likely keyword. Instead of merging the models after they have been trained, the entire model can
be constructed and trained using a technique called Bayesian Model Merging, see [1]. We implemented a
method that has much in common with the MLP classification described in the previous chapter.

The pre-processor we apply does not take account of variable formant or phoneme length. The variability in
speaking speed is compensated by the compression of the frequency bands in the spectrogram, see chapter 3.
Two methods to compensate for the variability in formant lengths are discussed in [5] and [11].

7.6 Implementation

The training and testing of the Kohonen network is described in Appendix H. Vector quantisation turns a
spectrogram into an observation sequence of length 16, corresponding o the number of time slices in the
normalised spectrogram. The number of input symbols, equal to the number of codebook vectors in the
Kohonen Network, is the same for all Hidden Markov Models. The number of states for each keyword was
determined experimentally as described in Appendix I.1.

How the Hidden Markov Model Classifier was trained: with the InterActive Hidden Markov Model Program
(laHMM) is explained in Appendix 1.2. With laHMM C-code was generated. The C-code of the classificating
routine can be found in Appendix 1.3. The classifier tests each Hidden Markov Model in the set with a given
observation sequence. After the probabilities (scores) have been computed rejection criteria equal to that of
the MLP are applied. The label of the best Hidden Markov Model is returned, with each model corresponding
to one keyword. The keyword has been found at this point or the word has been rejected.

The logarithm of the probability of the observation sequence being fitted by the HMM s computed only using
the forward probabilities. Generated code for a single HMM model is shown in Appendix 1.4. The
modification of the computation of these probabilities compared to the model described above occurs in the
routine SetAlpha() in the inner loop:

accum = alphas[i])[j]*GetP(model,seq(i],J,0);
alphas[i+1][j] = alphas[i][j-1]*GetP(model,seq(i], j-1,1)+accum;

On the first line the probability of the recurrent case is computed. On the second line the probability of the
next transition is computed and the two probabilities are added. Thus the forward probability is set to the
probability of observing symbol seq[i] and moving to state j at a certain point in the sequence, clearly this is a
minor change of the model described above. The memory required for the computation of the forward
probabilities is shared among the Hidden Markov Models in a classifier, where the reserved memory is set to
be large enough for the model containing the most states.
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7.7 Discussion

The modification of only using recurrent and next transitions greatly reduces required testing and training time
and saves much memory. The memory size does no grow with® O(n?) where n is the number of states, but with
O(n), where the use of observation probabilities changes the memory use from O( n*k ) to O( 2*n*k) = O(
n*k), where Kk denotes the number of observation symbols. Unfortunately the last modification makes an often
applied optimisation of using the logarithms of the forward probabilities inapplicable. This optimisation would
have no effect. Firstly, the multiplications would turn into addition, this is not an improvement in our case
because the TMS320C50 performs a multiplication as fast as an addition. Secondly, the log alpha’s contain
most information because the probabilities are very small for most models. Therefore they require less storage
than the alphas, this is a serious drawback because now the forward probabilities have to computed using float
or worse even double arithmetic, which takes 2 to 4 times as much memory and the required processor speed
increases significantly. Clearly the requirements on processor speed which are higher with this optimisation
not being applicable, could have been relaxed would the TMS320C3x DSP have been used.

” The growth is expressed with the so called big O notation, well-known in the fields of Analysis and Algorithmics
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8. Experiments and evaluation

In this chapter we present the results of some of the performed experiments as well as an overview of the
hardware requirements and development time for both recognition methods and supporting (pre-processor)
code. These results are discussed in the next chapter,

8.1 Evaluation criteria corresponding measurements

The most important criterion is obviously the recognition rate. However, as we presented this report as a
feasibility study, there are several other aspect to consider. One important question to be answered is ofcourse:
What does is all cost. In order to answer this question we have to consider both hardware requirements and
development times. Though we already considered these criteria in chapter [, we repeat them one more time:
(1) Recognition rate (performance); (2) Realisability; (3) Hardware requirements: accuracy, Memory and
speed; (4) Realisation time. In the remaining part of this chapter we will review all the components presented
in chapters 4 to 7 with respect to three of the four criteria. The second, realisability, is an important one,
however at this point we conclude that both methods including the required pre-processing can be
implemented on the TMS320C50 though some extra memory was required.

8.2 Performance of the Multilayer Perceptron

Several experiments were conducted with varying rejection criteria and different amounts of hidden neurons.
The results of the experiments with different hidden neurons are summarised in Table 8-1. Code generation
with Interdct results in the same net for nine and ten hidden neurons, thus ten hidden neurons were used. The
average recognition rate, without rejection criteria, is 93 percent for this MLP. Experiments showed that
MLP’s containing over 12 hidden neurons have problems generalising.

#hidden neurons - " . Recognition rate on  .: Recognition rate on grain-/test
(R e " train-set ; test-set s > & 1. percentage
10 99.1 93.8 70/30
10 98.7 92.6 70/30
9 95,8 90.3 75/25
9 97.0 91.5 87/13
9 95.9 86.9 81/19
8 97.9 843 75/25
8 96.3 88.2 75/25

Table 8-1 Results varying number of hidden neurons

The rejection criteria can be determined by searching the for thresholds that result in a desired recognition or
error rate. However we conducted several experiments manually just to test the influence of rejection criteria
on the error and recognition rate. The results for a 256-9-13 MLP are shown in Table §-2.

Abs threshold Diff. Threshold Recognition rate Error rate
0.95 0.7 50.0 0.77
0.9 0.9 44.9 0.31
09 0.8 77.5 0.92
0.9 0.7 80.0 1.23
0.85 0.7 83.9 2.15
0.8 0.6 87.1 2.46
0.8 045 88.0 2.46
0.8 0.2 88.3 2.62
0.2 0.0 94.0 5.85

Table 8-2 The effect so rejection criteria on the MLP

40
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Extensive testing and training results for the HM
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is67.4.

keyword

best model

8.3 Performance of the HVM Classifier

Recognition rate second best model

of best model
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M Classifier can be found in Appendix |. Because the
nducted three experiments: (a) determining the recognition
ning the recognition rate of the best and second best model
the influence of rejection criteria on the classifier used in
Table 8-3. Recognition rate of the classifier on the test-set

Recognition rate of
second best model

“0” “o” 84.0 "Bel” 14.0
$61> " 85.7 <7 7
ik “3” 42.9 2% 18.6
“3” "3 29.6 § 26.8
“qr “4” 88.6 L2k 43
“5” {5 714 ST 114
“6” 46" 383 $2R 35.2
T “7” 85.7 “M” 4.3
“8” “8” 100.0 - -
97 497 58.6 ST BI547
“M” "9 31.0 ’g” 219
“Bel” "Bel” 100.0 - -
“Opnieuw” "Opnieuw” 90.0 294 7

Table 8-3 Recognition rate HMM's (best and second best) trained on 54 % of data

The second experiment was conducted in the same manner

. only now all available data was used to train and

test the model. Results are shown in Table 8-4. The recognition rate of this classifier was 63.15. Clearly these

test results give no indication whatsoever of the performance
an indication of the separability of the data after vector qua

chapter.

keyword

best model

of best model

Recognition rate second best model

Recognition rate of

of this classifier. Nevertheless the results do give
ntisation. More will be said about this in the next

second best model

“om “0” 66.3 “Bel” 13.4
“1” “1” 61.1 08 10.5
“2” SDE 52.9 il 7.0
S 50 51.2 “1” 9.9
“yqn “qr 58.1 O 1.1
£S5 ol 65.1 “Opnieuw” 8.1
“6" ‘6™ 72.7 “7 52
“7” “7 494 “9” 9.3
“8” 48 80.2 o 9.9
SOn “9” 62.8 “M” 11.6
“M*» "M 69.8 ron 10.5
“Bel” "Bel” 53.5 “0” 220]]
“Opnieuw” "Opnieuw” 77.9 0" 9.3

With the last experiment the influence of rej
Rejection criteria must maximise both rec
minimal. The difference in the alpha diffe
must be chosen with care. However lookin

Table 8-4 Recognition rate HMM's. all data used
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Thresh Abs. Thresh Dif. Recognition rate Rejection Rate

2000 5 32.1 63.1
2000 3 42.4 51.6
2000 ! 54.7 25.3
2000 0 63.2 0.0
75 2 47.9 414
75 L5 54.7 252
75 1 Si 4 33.7
50 5 319 66.5
50 3 42.1 52.0
50 l 54.4 258
50 0 62.7 0.7
40 5 27.0 71.5
40 3 35.6 59.2 N
40 1 46.4 355
40 0 53.4 0.13
30 0 224 57.4

Table 8-3 The effects of rejection criteria on HMM''s
8.4 Hardware requirements

The hardware requirements are highly dependent on the used accuracy. In the current implementation float
arithmetic was required at several points, some improvement will be necessary at this point to optimise for the
TMS320C50. However we will look at hardware requirements for the current working version of the system.
First of all, the required speed which is the most important criteria, for if the DSP is not fast enough nothing
can be done but look for another one. As we have mentioned before the only critical point in the execution is
the real-time processing of samples, this issue has been covered in chapter 5. Experiments showed that after
the processing of a block of 128 samples there is time left for about 1000 instruction cycles, thus 99 % of the
processor time is used.

The required memory for the pre-processor, the MLP and the HMM classifier are shown in Table 8-6. All
supporting assembly routines (interrupt service routines, control, display routines etc.) are included in the pre-
processor. In the total require memory of the MLP and HMM classifier the required memory for the pre-
processor is included.

Component Text Data Constants Total
Pre-processor 3274 1200 2313 6787
MLP 2264 46 2628 11725
HMM Classifier 3674 44 4416 14921

Table 8-6 Memory requirements (required words)

The time required to pre-process and recognise one keyword were measured using the DSP. The pre-
processing one word takes about 0.5 {s]. The computation of the MLP outputs takes about 1.5 [s]. The
computation of the likelihoods in the HMM Classifier take about 2.5 [s].
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8.5 Developmenttime

Three people where directly involved in this project. One being a hardware engineer, the other two computer
scientist. No administration of the time spend on several components of the system was made. [ should be said
that the total development of the system was underestimated which complicated affairs on the hardware
development. The project required a lot of study particularly to the TMS320C50 and Hidden Markov Models.
Only the time spent on implementation is taken into account, for required studying time is highly dependent on
the background of the engineers involved. An estimation of the development time for several components is
listed in Table §-7.

Component man-weeks percentage
Hardware 26 65
Pre-processor 8 y 20
Kohonen (LVQ) ! 285
Simulation 3 7.5
MLP 1 2.5
HMM’s 1 2.5
Total 40 100

Table 8-7 Development time

8.6 Summary

With respect to the criteria, the Multilayer Perceptron performs best without a doubt. The recognition rate of
the MLP is about 20 % higher than that of the HMM classifier. Still, with recognition rate of less than 95 % on
the keywords the probability of recognising a number of 10 digits without errors is less than 60 % as current.
As for the speed of the system the MLP beats the HMM by a second, but still requires 1 second for each
keyword, which makes a total of over 10 seconds for a command sequence including a phone number. The
entire system requires more memory than available at first, with the MLP again coming out best with only
about 12 K (words) compared to about 15 K for the HMM Classifier. The development time appears to be
consumed mainly by hardware development and pre-processor implementation. The applied recognition
method does not appear to require a large amount of development time, provided one is familiar with the
technique. Aside from these experimental results there is more to be said about the several components of the
system, as will be in the next chapter.
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9. Discussion

9.1 Which is best ?

With regard to the results presented in the previous chapter, this question is easily answered: The MLP beats
the HMM by far. However, considering the recognition rate and speed, the system cannot be considered a
practical application; imagine having to repeat a command several times” and waiting for several seconds
before the system reacts at all. How to irritate people seems to be a better name than practical application.

The MLP had two major advantages over the HMM which explain why it comes out best. The HMM classifier
was offered less information in the first place. We already mentioned that the LVQ introduces distortion.
Clearly there is a huge difference between the spectrogram offered to the MLP containing 256 bytes and an
observation sequence with only 24 different symbols. Moreover the HMM implemented is limited by several
assumptions, i.e. the assumption of the underlying probability distributions of observation symbols and the
assumption that the human voice can be modelled by a finite state automaton.

But with the MLP performing better than the HMM classifier, how can the popularity of the HMM approach
be explained ? First of all it should be said that HMM’s generally performs better, actually recent publications
show they are as current the best method for speech recognition. Limitations of our implementation of the
HMM classifier were caused by strict limitation on the development time. The success of HMM’s is generally
subscribed to the use of a priori knowledge: in some sense the model contains information about both the
numbers of phonemes in a word and the number of possible phonemes. Methods for using a priori knowledge
in a neural networks is a subject of scientific research which has as yet no resulted in performance achieved
with HMM’s . In other fields neuro-fuzzy'® techniques, which benefit form a priori knowledge through the use
of fuzzy logic, appears to be quite succesful. Moreover HMM’s are easier to understand with respect to their
internal workings. A human organ is modelled with a stochastic automaton, each state corresponding to a
particular phoneme, thus each probability in the model corresponds to a known event. Hence within HMM's
the weak parts are easier to find and improve, i.e. by using a Viterbi algorithm one can easily find the states
which give rise to a specific output. Which part of the MLP is responsible for a specific output and how the
behaviour of the MLP can be explained in terms of the modelled object are questions which are still hard to
answer. To put it in a different way: the weights in the MLP have no specific meaning. Especially
mathematicians will prefer a well defined and understandable model over a ““black-box™ neural network.

9.2 Problems

Developing hardware takes the bigger part of the available time. As opposed to software bugs, hardware bugs
are harder to spot and it takes more time to correct them. One has to be very careful with setting up
experiments to test the hardware and interpreting the results, for hardware response is influenced by
measurements (Heisselberg inequality). Subsequently one has to be very careful not to underestimate the
hardware development time. The TMS320C50 has a huge instruction set. Though small and simple assembly
programs are not hard to write one has to take into account that effective use of the DSP requires an
understanding of its design and the available instruction set. Again this takes time.

The performance of the system is mainly determined by the hardware and pre-processing technique. In our
case we failed to fit the software in memory and the response time of the system was too low. Performance
with regard to issues like word length (accuracy), memory requirements and speed one finds in scientific
publications are often hard to achieve due to target specific implementational problems. Savings on memory,
accuracy or speed can only be achieved at the cost of one another. Pre-processing and both recognition
methods require floating-point-operations as current which are expensive with regard to speed and memory.
Moreover the systems recognition rate is too low to make it of practical use.

" Hybrids of neural networks and fuzzy logic
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9.3 Recommendations

Without a doubt the system can be improved on several points. First of all, as we have noted before, the
TMS320C350 is probably not the best choice for the application we built. The TMS320C3x offers a good
alternative apart from the huge amount of DSP’s available. But then again, nowadays practically everyone has
a PC with modem at home. We may thus consider using a PC as target platform for the application. This will
save us all the trouble of a hardware implementation including the strict requirements it imposes on the
system.

Both MLP's and HMM’s require a huge amount of constant numbers: the weights in the MLP and
probabilities in the HMM. Moreover processor time was saved by using lookup tables for several function, i.e.
the sigmoid in the perceptrons and the sine and cosine in the HMM. These are all stored in RAM. Typically
these can be stored in programmable ROM: for the TMS320C3x and TMS320C5x detailed circuit
descriptions are available for EPROM extensions of the started kit boards.

Apart from which recognition method is applied performance is highly dependent on the pre-processing
techniques applied. The applied pre-processing appears to require a large amount of memory. Though several
publications (among which {18}) show that FFT-bases techniques perform slightly better. They require by far
more memory. Alternatively a LPC or Formant Coders, See }17], may be used. A first order derivative or
difference vector is often used, however with the kind of Hidden Markov Models we applied (using
observations at transitions), this might be an overkill Moreover several pre-processing techniques are
available as hardware components relieving the DSP of this task.

Clearly the HMM classifier does not only perform bad, it requires a relatively large amount of memory and is
1o slow to be of practical use. With regard to the performance several adjustments can be made to increase
performance. First of all the discrete observation probability distributions can be replaced with continues
multivariate probability density functions. See |11, 14}. This way the vector quantisation can be omitted. and
more information can be used for classification. Secondly, the recognition rate can be improved by modelling
or compensating for (time-warping) different phoneme lengths, See |3, 11}. Memory requirements can be
reduced by using one single Hidden Markov Model instead of one for each keyword {1, 20]. This would
require the use of a decoding algorithm, i.e. Viterbi. A more daring approach would be to use a general HMM
instead of the (Feed) Forward HMM, allowing common phonemes to be shared. Though this would reduce
memory requirements we do not expect a better performance for other HMM architectures.

The MLP is actually a very simple neural architecture. We have already presented some alternatives in chapter
6: recurrent networks, SOFM and TDNN’s. The main advantage of these tvpes of ANN's over the MLP is the
use of temporal information either through recurrence or through tapped delay lines. These types of ANN's
are more closely related to HMM’s.

An interesting alternative for the recognition methods presented is the combination of a neural networks and
Hidden Markov Models. These hybrid models are currently the subject of a lot of research in the field of
speech recognition, and the appear to be very successful. In [13] a HMM/NN hybrid is described where two
neural networks are used per state: one for the estimation of the likelihood of the observation sequences and
another one for the re-estimation (learning) of the observation and transition probabilities. A recognition rate
of 75 % is achieved on the TIMIT database. Clearly such a model would require even a larger amount of
memory than the models described in this report.

We did not benefit in any way from context information on a grammatical level. For example the grammar
presented in chapter 2 ensures that after the keyword *M™ only one digit is to be recognised. However in our
system the advantage of using context information is limited. The use of grammatical information is applied
more often for continues speech recognition. Moreover semantic information can be used to improve
performance.
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9.4 Commercial products

Several speech recognition systems have become available recently. Software for speaker dependent speech
recognition supporting over 17,000 words are available for less than F.200,-. Specific hardware for telephone
applications are widely available too, these products cost around $600. Dutch telephone companies are going
to offer voice dialling, supporting 20 to 40 phone numbers (NRC Handsblad, august 12 1997). This service
will cost only a few dimes per call. Generally over 98 % recognition rate is achieved with commercial
products. Clearly our system can not compete with existing commercial products (for the moment).

Thus both speech recognition techniques and signal processing hardware are available to develop a useful
speech recognition system. However it is practically impossible to determine what techniques are applied in
these commercial products. Because they require some kind of on-line training we think the recognition
method in these products is not as fancy as those presented in scientific publications which are widelv
available on the internet. The main problem with scientific publications about ASR appears to be that
practically no attention is paid to hardware requirements although most of the development time is spend on
hardware and the hardware interface.

9.5 Final word

After reading this report some may feel somewhat disappointed with the final results. However it was never
our intention to build a tip-top speech recognition system: we tried to present the methods from and engineers
point of view. Hence the goals of developing a working system and gaining experience were more important ,
to us than performance. We thought it important to show how a ASR system can be developed, as this is of
interest 1o engineers. The references to publications on pre-processing and Hidden Markov Models and the
pitfalls discussed throughout this report will be very helpful to anyone wishing to develop a better ASR system '
using HMM’s and/or DSP’s. Furthermore we attempted to provide sufficient information to find ways of
improving the current implementation. We believe, by following the recommendations above, the current
system may well be turned into a success.

Hope this has been of interest to you. If you have been, I am most awfully pleased.
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10.2 Other resources

The program written for the construction of Hidden Markov Model Classifiers was based on source code for
Hidden Markov Models written by R. Myers. This code is available on the Internet. This source code
implements models corresponding to those of Rabiner et. al. as described in chapter 7.

The phonetic fonts used in this report were downloaded from internet. The are provided by The Summer
Institute of Linguistics (SIL), this is an organisation of linguists dedicated to the study and promotion of the
thousands of minority languages around the world. International Publishing Services serves SIL by developing
products to assist in the publication of linguistic texts. The package name is SILIPA93 and it can be installed
very easily on a windows platform.
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Appendix C: Puzzles for determining identifying features

Appendix C.1 Time plots
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Appendix C.2
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Appendix C.3 Spectrograms
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Master Thesis. Appendices

Appendix H: Training and Testing of the Kohonen Network

Theory

The Kohonen network or Self Organising Feature Map (SOFM) can be used to find a set of vectors, called a
codebook, that splits the domain into a number of classes. Each class is represented by one or more codebook
vectors. The training of a SOFM is unsupervised. There are two commonly used techniques for training a SOFM.
The first method uses a technique called lateral inhibition, where input vectors belong to a certain class, are
modified, depending on the learning rate, in the direction of the input vector, the adjacent classes are modified so
that the distance between the vectors representing theses classes and the input vector is increased. This method is
inspired biologically by the human optical system which is bases on lateral inhibition too. The other training
method is the opposite of the first. Instead of increasing the distance between the input vector and adjacent
classes, the distance is decreased too. The range of influence of the input vector on adjacent classes is determined
by a learning parameter called neighbourhood, when the neighbourhood is set to the number of codebook vectors
all the vectors will be equal. The classification of an input vector, is nothing more than finding the closest vector
in the codebook using the Euclidean distance measure. For a more detailed description of the SOFM see
[NNSH]. Each class is given a label, so that the n-dimensional input is mapped to a I-dimensional output
(symbol). This is called vector quantisation.

Network implementation

The Kohonen Network was implemented in Inter4ct. There is a complete package available for leaming vector
quantisation (LVQ) called LVQ PAK for free at cochlea hut fi. We trained and tested several networks with
different codebook sizes. The number of input neurones in a Kohonen Network corresponds to the dimension of
the input vectors, the number of output neurones to the number of codebook vectors. We did not use a hidden
layer though this is a possibility. Without the hidden layer the weight on the connections between input and
output layer are simply the entries of the codebook vectors, so that all connection for the input layer to one output
vector form exactly one codebook vector. The output neurones are fully connected, where all the weights on the
connections are fixed, the distances between adjacent output neurones are equal. The quality of a codebook was
measured by the average distance between the input vectors and the codebook vectors they were mapped to. The
Kohonen network with 28 vectors is shown in the figure below:
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Training

The procedure followed for training the Kohonen Network corresponds to that described in the OCR' example
included in the Inter4cr on-line help. First all the codebook vectors were trained with the neighbourhood set to
the codebook size, so that all the codebook vectors were approximately equal to the mean of all input vectors.
Thereafter the neighbourhood was decreased slowly, thus the codebook vectors started to differentiate. After the
neighbourhood had been decreased to a certain value training continued with the learning rate slowly decreasing,
thus all codebook vector were forced to specialise a bit further without taking the risk of loosing to much
information already stored in the codebook. With 16-dimensional input vectors the codebook vectors are not as
easily visualised as the OCR codebook vectors. We represented the codebook vectors by a colour plot, with each
line in the plot of a vector corresponding to one value in the codebook vector, a codebook containing 24 vectors
is shown in the figure below:

|
1

Results

We trained networks with 24,28,32,48 and 64 codebook vectors. Using the average Euclidean distance error
measure the following results were obtained:

#vectors #error

24 0.367
28 0.366
30 0.347
32 0.355
48 0.343
64 0.331

There are several fancy ways to improve the performance of a Kohonen network, though higher dimensional
problems, like ours, are harder to solve using Kohonen because it is not easy getting a grip on the training
algorithm. Furthermore one should realise that the quality of the input vectors and the relative frequency of
certain vectors are of great influence on the performance. In Chapter 8 some of these problems are discussed.

* Optical Character Recognition
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Appendix I: Using laHMM

General description of laHMM

Interactive Hidden Markov Modelling is a program that can be used to train Feed Forward Hidden Markov
Models and integrate them into a classifier. The program currently only supports models of the type described in
Chapter 7, with the modification included. Hidden Markov Models can be created only within the program by
selecting File - New - la_HMM . At the monient only random initialised models can be created, the number of
states and the number of input symbols must be specified. All probabilities can be modified manually from the
Edit menu. A model can be inserted in a classifier by selecting File - Add to Classifier. Source code for a single
model is generated by selection File - Code generation. In order to train or test a model an observation sequence
has to be attached to the model by selecting Test - Attach Observation Sequence. The testing and training
operations can be found in the menus Edir and Test. The icons in the toolbar on the left of the screen correspond
to the operations in the menu’s. The figure below shows the mode! and some operations using the toolbars.

The attached observation
sequence file 1s shown here

Create a new Hidden Markov
Model or a Classifier

Random thahsation -
IA_HMM - [IA_HMMI]

Insert this model into a
loaded classifier

=
Attach an observauon f Number
sequence to the model ! Num

ofgtates: 05 No training observations defined
r of symbols: 10

Generate observatons

Test the model Store the model n a file

: 0.83 0.55 |
4
®| ;’

Tran the model

Generate C code for
the Hidden Markov
Model

Load amodel from a file

0.64 0.17
@ \_/

Propability of a Start 0.36 0.83 0.17
transihon to the /
same state 1 /

Observation probabilihes are shown on a
right mouse button click

State label, zero indexed

Probability of moving to
the next state

Classifiers can be created within the program and using the context menu in the Windows Explorer if the
program has been installed properly (at installation classifier documents are registered). The Classifier does not
contain the actual models but only pointer to the models. Thus when a model is changed through the classifier the
actual model is modified too. In a classifier file only the filenames of the models are stored with an absolute path
name, this requires that the directories where the models are stores must be the same after copying a classifier
from one PC to another, this method will be improved in a next version. Models can be added to a classifier by
creating a new model and use random initialisation by selecting Edit - New Hidden Markov Model. The classifier
can be used in two ways. Firstly, the models in the classifier can be trained separately on the same training set,
this option if Edit - Multi-train. When using this option the parameters have to be set inthe menu Edit-Options-
Multi-train. Secondly, all the models can be trained separately using the Train option for the Hidden Markov
Model. By selecting a mode!l with the right mouse button a pop-up menu appears. In this menu several operations
applying only to the selected mode! can be performed. Default observations can be attached to all models using
Test - Attach default operations. With Test - Multi-test the classifier can be tested on a single observation
sequence file, otherwise the pop-up menu should be used. The testing results are the percentage of correctly
classified observation sequences, the percentage incorrectly classified and the percentage rejected observation
sequences. Some information for the determination of rejection criteria is computed 0o in the tests. Rejection
criteria can be set in Edit - Options - Rejection criteria. For C-code generation select File - Generate Code. The
Hidden Markov Models are automatically included in the generated code. The generated code is presented in the
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last two sections of this appendix. The figure below shows the classifier and some operations on the included
models.

\. The name of the classifier 1s shown n the A new model can be created and mnserted in Each model 1s shown m a red
\ptlebar of the classdfier /

the classifer by pressing thus button rectangle

2. IA_BMM - cxample.cfr

Default toolbar
operations are
avallable for the
Class1 (03-05) | classifier too

Class2 (03-05)
T The popup menu can

Class3 (04-09) be used to aftach

9 observations to a
model, remove the
model from the
classifier or test the
model for recogmntion
rate and rejechon

| Number of states: 04 critina

Number of symbols: 05

Each model n the
classdier 15 available
for separate tramng
and modifing the
probabilies manually

Mo T e T

Models and classifers can be iconised. Thewr name 1s shown m the ttlebar

This introduction will do for understanding the rest of this appendix after Chapter 7 has been read. We hope to
release the program in the future with a full manual.

Appendix I.1: Determining the number of states

For each of the keywords the number of states were determined separately. An estimate of the require number of
states can be made on basis of the number of phonemes in the keyword and the variation in phoneme length. The
number of states was determined by creating a classifier with a number of models of different size and training
them using the Multi-train option described above. We had 170 observation sequences available for each
keyword, 100 were used for training the remaining 70 for testing. Models were evaluated using the test set. The
results are summarised below:

i Z log(alrain )

Keyword #istates Recognition

rate on train set

Recognition
rate on test set

. Z log( al(.‘.\'l )

IIOH
3 0 3012 1.4 2229
4 2 2700 0.0 2065
5 4 2501 43 1911
6 8 2381 8.6 1836
7 9 2383 8.6 1879
8 16 2296 21.4 1789
10 61 2254 557 1809

"
) 6.0 2548 S 1823
6 1.0 2503 37 1843
7 9.0 2519 7.1 1786
8 340 2346 214 1756
10 40.0 2366 60.0 1739
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Keyword #istates Recognition | Recognition L
d rate ongtrain set Z log(a,.,) rate on test set Z log(a...)
"2"
4 20.8 3587 18.6 3612
5 4.0 3683 2.9 3637
6 34.7 3513 3.4 3768
7 14.9 3544 12.9 3707
I 8 257 3672 343 3728
553"
4 1.0 3127 15.5 3412
5 4.0 2942 32.4 3459
6 6.0 2868 99 3514
7 20.0 2789 15.5 3511
8 310 2758 19.7 3651
10 38.0 2762 7.0 4042
"4"
4 2.0 3231 8.6 2491
5 4.0 3224 10.0 2466
6 6.0 3086 17.1 2403
7 34.0 2936 28.6 244)
8 33.0 2919 25.71 2406
10 21.0 2933 10.0 2491
555"
3 50 3630 5.7 3588
| 4 13.9 3505 17.1 3584
{ 5 9.9 3649 20.0 3587
[ 6 248 3627 5.7 3838
[ 7 16.8 3558 28.6 3528
( 8 238 3510 14.3 3612 |
l' 10 5.9 3769 8.6 3729 }
[Fe" 1
[ 3 0.0 3077 21.1 3118 jl
4 2.0 3054 1.3 3173 .
5 7.0 2820 9.9 319]
6 15.0 2778 15.5 3325
7 13.0 2753 1.4 3391 1
8 24.0 2706 282 3586
10 39.0 2701 12.7 3569 |
“7" j
. 5 3.0 3316 10.0 2492 1
[ 6 30 3221 43 2429
| 7 13.0 3143 7 2387
[ 8 6.0 3121 45 2373
| 9 18.0 3099 15.7 2384
10 14.0 3082 229 2381
12 43.0 3076 35.7 2420 |
558" j
f 3 0.0 2599 0.0 1774 =
. 1 4 3.0 2411 8.6 1617 1
' 5 10.0 2274 4.3 1384
I 6 220 2253 243 1557
g 7 32.0 2202 35.7 1527 l
| 8 1.0 2267 114 1572 |
! 10 | 220 2221 15.7 1588 |
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Keyword #states Recognition fie Z ' Recognition i Z
’ rate ongtrain set log(c,.;,) rate on test set log(c...)

559"
4 238 3415 98.6 2712
5 16.8 3369 1.4 2999
6 149 3485 0.0 3436
7 59 3534 0.0 3824
8 238 3366 0.0 3723
9 149 3404 0.0 3724

LLM”
2 00 3192 437 3698
3 1.0 2776 12.7 3838
4 6.0 2627 8.0 3919
5 17.0 2445 2.8 3788
6 76.0 2347 324 3924

“Bel”
3 0.0 2852 0.0 1914
4 1.0 2523 0.0 1758
5 2.0 2352 43 1624
6 5.0 2248 17.1 1545
7 27.0 2161 25.7 1503
9 65.0 2118 52.9 1533

“Opnieuw”
5 218 3533 29 3238
6 79 3505 7.1 3054
7 6.9 3545 243 2933
8 25.7 3391 37.1 2859
9 17.8 3461 243 3068
1 19.8 3517 43 3310

Appendix 1.2: Finding the best models

After determining the required number of states classifiers containing 5 or more models were created for each

keyword. All the models in these classifiers where trained on the same data set (the train set). The best of these
models was used in the classifier. The best models are summarised in the table below.

Keyword Best of #states Recognition Rate L=
on test set Z log(c...)

"0 3 6 30 % 1848
"t 5 6 49 % 1761
D) 9 6 74 % 3120
B 5 5 28 % 3561
"4" 5 7 43 % 2436
5 3 5 32% 3198
"6" 5 3 38% 3223
"7 6 9 26 % 2384
"8 6 7 27 % 1532
"9" 3 5 77 % 2712
"M d 3 35% 3887
"Bel" 5 7 29 % 1503
"Opnieuw" 6 8 39 % 2841
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